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Abstract

Managing energy consumption has become a critical issue for computer system designers. End-users
are forced to charge battery-powered devices on a daily basis because battery technology has
not kept pace with the demands of the power-hungry processors and peripherals used in today’s
mobile devices. Thousands of servers in data-centres also use power-hungry processors which result
in huge costs for power and cooling. This is impacting our environment by accelerating global
climate-change.

To help mitigate these problems, processor manufacturers have implemented various power-
management mechanisms, including dynamic voltage and frequency scaling (DVFS) and low-power
idle modes, to reduce and manage the power consumption of their processors. These mechanisms
are controlled by the operating system (OS) and in the past, their use could result in significant
improvements in energy efficiency. However, changes in semiconductor technology are altering the
effectiveness of these mechanisms.

This thesis shows that on recent platforms, using DVFS results in only marginal reductions in system-
level energy consumption for realistic workloads such as MPEG video playback. However, we find
that the system-level energy consumption of lightly loaded web-servers can be reduced without
impacting throughput or response latency. This results in an improvement in energy efficiency.

However, several trends exist which are leading to diminishing returns from traditional power-
management mechanisms. We analyse these trends to determine their impact on the effectiveness
of the energy-management techniques used in systems today, and look into the future to see what
might help to reduce the energy consumption of the computer systems of tomorrow.
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Chapter 1

Introduction and Motivation

Energy consumption has become a critical issue for most computing platforms. Previously, efficient
use of energy resources was a concern only for battery-powered devices, such as mobile phones
and laptops. However, it has now become a critical design constraint for all classes of systems. For
example, a report to the California Energy Commission found that the power required for cooling
and infrastructure in California data-centres can be over 50 % of the total electrical load [Tschudi
et al., 2004].

A large proportion of the energy consumed by computer systems is spent powering the central
processing-unit (CPU). In a data-centre, the heat generated by the CPU must be removed by air-
conditioning requiring even more energy. To help to reduce CPU energy consumption, manufacturers
have implemented various mechanisms for managing the power consumption of their processors.
Some of these mechanisms allow the operating system (OS) to trade performance for lower power
use, while others allow the OS to place the processor in various deep sleep states with increasingly
reduced power consumption coupled with longer latencies to wake up from sleep.

One such mechanism, dynamic voltage and frequency scaling (DVFS), allows the OS to reduce the
frequency (and performance) of the CPU and thereby lower its power consumption. Much prior
research on improving the energy efficiency of computing systems has focused on DVFS, producing
a number of techniques that can be employed by the OS [Weiser et al., 1994].

Data-centres contain thousands of servers which consume vast amounts of electricity for supply and
cooling. However, studies performed by Google show that many of those servers spend most of
the time significantly under-utilised [Barroso and Hoélzle, 2007]. Hence, some studies suggest that
reducing the CPU’s frequency may improve energy efficiency.

Furthermore, as battery-constrained embedded systems continue to grow in performance and
ubiquity, the issue of energy efficiency is becoming even more important. As a result, new power-
management mechanisms, such as low-power idle modes and specialised hardware acceleration



units, are being introduced into embedded processors in order to help improve their energy efficiency
and prolong battery life.

The energy efficiency of computer systems can be optimised using DVFS and sleep states. Howevet,
they are competing mechanisms. On the one hand, the CPU can be run at its highest frequency
(with high power consumption) in order to complete work in the shortest time. Once the work
is completed, the CPU can then go into a deep sleep state, reducing power consumption. This
approach is referred to as race-to-halt. On the other hand, the CPU can be slowed down using
DVES, spend a longer time active, but have its power consumption reduced during this period. This
approach reduces the time the processor can spend in deep sleep states.

To determine which of these approaches is best for a particular system, it is necessary to understand
how the performance of the CPU’s workload is going to respond to a change in CPU frequency. Prior
research has addressed this issue by applying mathematical modelling techniques to try to predict
how much performance will be lost when the CPU frequency is decreased [Snowdon, 2010]. These
modelling techniques have also been used to predict the power drawn by a processor at different
frequencies. When these two predictions are combined, the energy used by a processor executing
some workload at different frequencies can be estimated and a decision can be made about which
frequency should be used to provide optimal energy efficiency.

In the mid 1990s, Mark Weiser performed trace-based simulations of OS scheduler invocations in
order to determine whether a CPU could be slowed down to reduce its energy consumption when
the system was not fully utilised. His conclusion was:

To put it simply, the tortoise is more efficient than the hare: it is better to spread work out
by reducing cycle time (and voltage) than to run the CPU at full speed for short bursts and
then idle [Weiser et al., 1994].

More recently, Snowdon et al. and others, have shown that systems based on processors such as the
Intel XScale PXA255 and Intel Pentium-M could achieve higher energy efficiency by reducing the
CPU’s frequency with DVFS when certain workloads were detected [Snowdon et al., 2009; Weissel
and Bellosa, 2002].

However, our research suggests that several trends, such as:
e the scaling of silicon transistor feature sizes,

e increasing memory performance,

improved sleep/idle modes,

e asynchronously clocked caches and memory-controllers, and

the complexity of multi-core processors
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are reducing the effectiveness of traditional power-management mechanisms such as DVFS in all

classes of platforms.

This thesis shows that the above trends are indeed causing DVFS to become less effective and, in
some cases, even reducing energy efficiency instead of improving it. However, the effectiveness of
DVFS is critically workload dependent. Therefore, we aim to cover a wide range of workload and
platform classes to determine if this finding is recurrent.

1.1 Research Questions

In short, we aim to answer the following questions:

1. Are Mark Weiser’s claims set in stone—can energy efficiency still be improved by using DVFS

to slow down the processor?
2. What factors influence the effectiveness of DVFS?

3. How much energy can be saved by using hardware acceleration units instead of the standard,

general-purpose applications processor?

1.2 Contribution

Past studies have leveraged the DVFS mechanism to improve the energy efficiency of computer
systems, however few have acknowledged the trends that contribute to its decreasing effectiveness.
This thesis critically analyses the effectiveness of DVFS on recent computer systems, ranging from
server- to mobile-class systems and shows that use of DVFS has become questionable. We introduce
and analyse five trends which we believe are the root causes of the diminishing returns from DVFS.

1.3 Thesis Overview

This thesis is structured as follows:

Chapter 2 provides an overview of power-management mechanisms on modern processors

and an analysis of prior work in the research area.

Chapter 3 discusses the impact of memory throughput on the effectiveness of DVFS and our
attempt to model the performance of a recent multi-core processor under DVFS.
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Chapter 4 addresses the question: slow down or go to sleep? by looking at several workload

types on a range of platforms.

Chapter 5 outlines the trends that are contributing to the diminishing returns of DVFS; and

Chapter 6 suggests future directions for power-management research.



Chapter 2

Background and Related Work

2.1 Introduction

This chapter begins by briefly discussing basic transistor theory to enable the reader to better
understand the analyses in the following chapters. Section 2.3 provides an overview of power-
management mechanisms that are available on modern CPUs. Section 2.4 discusses how power-
management mechanisms are used and evaluates several software techniques that make use of these
mechanisms. Section 2.5 provides an overview of several frameworks that have been developed for
OSes, including those that Linux currently uses to leverage the mechanisms available on modern
CPUs.

2.2 Power Consumption Characteristics of Transistors

Transistors form the basis of all modern digital systems based on integrated circuits. Today, a
computer processor can be made up of millions, or even billions of transistors.

Contemporary CPUs are implemented with a technology called complementary metal-oxide semi-
conductor (CMOS) which uses transistors called metal-oxide semiconductor field-effect transistors
(MOSFETs). There are two types of MOSFET, n-channel and p-channel. Their construction is differ-
entiated by using different types of semiconductor material for the transistor’s features. MOSFETSs
are composed of two silicon junctions on a substrate, as shown in Figure 2.1. The gate (G) forms
a capacitor which, when a voltage is applied, will charge. It is insulated from the substrate by
an oxide layer, which means that very little current will flow through the gate. Upon charging, a
conduction channel will form between the source (S) and the drain (D) due to electric fields induced
in the substrate. If the voltage is above the threshold voltage, V;, current can flow from source to
drain.
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Gate (G)
SiO2
Drain (D)l oxsde layer ESOUFCG (S)
n n

p substrate

Figure 2.1: High-level components forming an n-channel MOSFET.
[see Floyd, 1984, Chapter 9, Section 9-3]

The power dissipation of CMOS integrated circuits is composed of both static and dynamic com-
ponents. Static power dissipation arises from leakage and transistor bias currents, while dynamic
power dissipation is due to the charge/discharge of capacitances and other switching activity in the
circuit.

2.2.1 Transistor scaling

The size of the components in a transistor (e.g. the gate, source and drain), called the feature size, is
determined by the manufacturing process. This is essentially a measure of the distance between the
source and drain. In the early 1990’s, the feature size was approximately 250 um. However, over
time, processor manufacturers have worked to build smaller transistors because they can switch at
a faster rate, and consume less power. Following Moore’s Law, which dictates how often processors
are released with a smaller feature size, this has lead to recent processors being manufactured from
transistors with a feature-size of 32 nm. The international technology roadmap for semiconductors
(ITRS) working group predicts that transistor feature-size will be as small as 9 nm within the next
twelve years [ITRS, 2009].

Feature size is a critical characteristic for energy consumption for several reasons. Firstly, smaller
transistors can operate at lower voltages and have reduced gate capacitance, which reduces dynamic
power dissipation (explained in the next section). Secondly, as feature-size is scaled down, static
leakage power rises exponentially (explained in Section 2.2.3).

2.2.2  Dynamic power dissipation in CMOS circuits

CMOS logic gates, such as the NAND gate shown in Figure 2.2, are constructed from complementary
pairs of n-channel and p-channel MOSFETs. The combination is such that in a steady state, one of
the pair is in the off state, meaning that no current flows other than leakage current (explained in
the next section). When one of the gate’s inputs (A or B) switches, some time later, the output of
the gate will settle on the result, and the next logic gate in the circuit may then transition based on
its new inputs. A processor is made up of thousands of these logic gates which form functional units
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VDD NAND VDD

I,_ P-MOSFET I,_ P-MOSFET
B faa faa
AD
||_ N-MOSFET
fa
— N-MOSFET
A I:-
'—

GND

Figure 2.2: Construction of a NAND gate from MOSFET devices.
[see Mano and Kime, 1997, Chapter 2, Section 9]

such as integer or floating point units. These functional units are synchronised with a global clock,
operating at the frequency of the processor.

The dynamic power drawn by a processor is made up of two components. Firstly, when switching
occurs on a gate input, the two complementary MOSFETs are momentarily in a partial conduction
mode, allowing short-circuit current to flow. Secondly, as the gates of MOSFETs form capacitors,
there are energy costs associated with their charge and discharge due to

1
E = 501/2 2.1

where F is the energy stored in the capacitor, C is the capacitance in Farads, and V is the voltage
that is applied to the FET’s gate. As a transistor is scaled to a smaller feature size, the physical size
of the gate is reduced, resulting in a reduction in its capacitance. Furthermore, as a smaller feature
size allows reduced supply voltage, short-circuit current is also reduced. Hence, the total dynamic
power drawn by a CMOS device is related to these characteristics:

P =aCfV?, (2.2)

where P is the dynamic power consumption of the circuit (or processor), C is sum of the capacitance
of the transistor gates (determined by the feature size), V is the supply voltage and f is the frequency
at which the circuit is being clocked. The « value represents the level of switching activity in the
circuit, because not all transistors will switch every clock cycle. For stable operation at a particular
frequency, the supply voltage must be high enough such that the gate of each transistor in the circuit
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has enough time to charge to above the threshold voltage. Hence, if the frequency is reduced, the
voltage can also be reduced, resulting in a reduction in the power drawn.

2.2.3  Static power dissipation in CMOS circuits

Several factors contribute to the total static power consumption of a processor. Of these, the most
substantial is weak-inversion (or sub-threshold) leakage current that flows from the drain to the
source of each transistor, regardless of the state of the transistor. As feature size gets smaller,
through the process of transistor scaling, the weak-inversion leakage current increases exponentially
as

Vas—Vin

ID ~ ID()G nVr (23)

where Ip is the leakage current of a single transistor, Vs is the gate—-source voltage, Ipg is the
leakage current when Vg = V4, n is a factor determined by feature-size and Vr is the thermal
voltage, which depends on the temperature of the transistor.

Because of the exponential relationship between sub-threshold leakage and feature-size, in recent
processors, static power dissipation contributes significantly to the total power consumption.

In the past, static power consumption has been small in comparison to dynamic power [Burd and
Brodersen, 1995]. However, other factors contributing to leakage, including quantum effects such
as gate-oxide layer tunnelling, are becoming increasingly important with shrinking feature size. Roy
et al. discuss these and techniques for their mitigation [Roy et al., 2003].

Scaling of silicon transistor technology will slow at some point in the future due to the constraints of
atomic dimensions. However, this will not happen before static power consumption (due to leakage
current) rises well above dynamic switching power.

2.3 CPU Power-management Mechanisms

With the increasing importance of managed power consumption, modern CPUs have evolved
to include numerous power-management mechanisms, some of which allow the OS to trade
performance for reduced power consumption. Here, we describe the most common mechanisms
and how they have been used in prior research.
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2.3.1 Dynamic voltage and frequency scaling

DVFS is a mechanism that is available on most modern processors. It allows the core operating
frequency of the CPU to be decreased allowing a corresponding reduction in the supply voltage,
as per the relationship in Equation 2.2. This reduces the power drawn due to both dynamic and
static components. Furthermore, temperature variation (due to varying heat dissipation or ambient
temperature) can cause static power consumption to vary due to the dependence of sub-threshold
leakage current on temperature as shown in Equation 2.3.

DVFS has the potential to not only reduce power draw, but also to improve energy efficiency. As will
be explained in Chapter 3, some workloads respond differently to changes in CPU frequency. For
some, performance scales linearly with frequency, while for others, performance scales sub-linearly
and energy efficiency may improve with reduced CPU frequency.

A frequency change is not instantaneous—two steps are required, their order depending on whether
the frequency is being increased or decreased. For stable operation, supply voltage must be increased
to run at a higher frequency. Therefore, if a frequency increase is requested, the supply voltage must
be ramped up to the value required to run at the requested frequency. After the supply voltage settles,
the phase-locked loop (PLL) that generates the clock signal can be relocked to the new frequency. If a
frequency decrease is requested, the PLL is relocked first, and then the supply voltage is ramped
down. The combined latency for these steps is of the order of 10-100 us, depending mostly on the
supply voltage change that is required.

This mechanism has been studied at length in the literature, and, in the past, its use has achieved
significant improvements in energy efficiency, allowing battery-powered devices to last longer. Its
use has been less pervasive in the data-centre mostly due to the perceived increase in latencies and
reduction in quality-of-service (QoS) resulting from frequency changes.

Studies using DVFS are discussed in more detail in Section 2.4. In Chapter 3 and 4, we show that
DVFS is becoming much less effective at improving energy efficiency. Indeed, we show that its use
sometimes negatively impacts energy usage.

2.3.2 Idle states (C states)

A CPU can be thought of in terms of a package, cores and threads. A package can consist of multiple
cores and a core can have one or two thread contexts which Intel has called HyperThreads.

When the OS has no tasks to schedule on a core, it will usually invoke the idle thread and parts of
processor can be put into an idle state (or C state). As this thread does no useful work, it makes
sense to put the CPU to sleep.

Modern CPUs tend to offer multiple C states, denoted by Cz: where z is a number from O to some
maximum. Higher x values yield a deeper idle state, resulting in lower power consumption, but
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Figure 2.3: Possible C state transitions for an Intel Core i7 processor. All transitions must go
through CO, except to the special C1E state, entered when all cores enter C1.

Figure 2.4: Future generations of Intel processors will have automatic promotion/demotion of idle
states, thus removing the requirement to transition through CO, minimising the number of
wake-ups. Current generations are restricted to the state transitions shown in Figure 2.3.

higher entry and exit latencies. Intel defines C states at the thread, core and package level, with C0
being the operating state in which a core is executing instructions. However, other manufacturers
do not provide specifications for C states, allowing OS designers to choose the steps taken when
entering different C states.

Because a single processor can have multiple cores and multiple hardware thread contexts (Hyper-
Threads), constraints exist between thread, core and package idle states, for example, a package
C state will not be entered unless all cores enter the same C state. There are also constraints on
state transitions, as shown in Figure 2.3 for the Core i7 processor, where all transitions between
C states must go through the active state, CO. The C1E state is a special exception, which is entered
automatically when all cores enter C1.

Some C states are entered automatically, by the processor promoting an OS request to transition
from a particular C state to a deeper C state. This includes the C1E state on Intel processors, and
the C5 state on the Atom Z550, which are described in Section 4.3.2.

Future generations of Intel processors will also include a feature called C state auto-demotion where,
depending on C state residency history (recorded by the processor), a request by the OS to enter an
idle state will be automatically demoted to a lower level (lighter sleep) to minimise the negative
effects of high-frequency C state transitions, resulting from naive use. This is shown in Figure 2.4.
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C states are discussed in greater detail in Chapter 4.

2.3.3 Intel's power-management unit and TurboBoost

Intel’s power-management unit, not to be confused with the performance-monitoring unit, was
introduced with the Nehalem architecture in 2008. This unit monitors the temperature and power
requirements of the processor and determines when TurboBoost (described below) is initiated
and when idle state requests can be promoted and should be demoted. This requires that the
processor be instrumented with current, voltage and temperature sensors at various points on
the die. Unfortunately, the measurements taken using these sensors are not accessible by the OS.
Snowdon and Esmaeilzadeh et al. suggest that manufacturers should expose these measurements to
the OS. This way, software developers can benefit from the knowledge and insight that they provide
about how energy is consumed in computer systems [Snowdon, 2010; Esmaeilzadeh et al., 2011].

Recent Intel processors based on both the Nehalem and Sandy Bridge micro-architectures have a
feature called TurboBoost. If one or more of a processors’ cores are powered down into a deep idle
state, the clock frequency of other active cores can be boosted above the rated nominal frequency.
For example, the Intel Core i7 870 has a nominal rated frequency of 2.93 GHz. However, if one or
more cores are sleeping, the frequency of the remaining active cores can be increased. If multiple
cores are active, their frequencies may be increased to up to 3.2 GHz, depending on power draw
and thermal load. If only one core is active, its frequency can be increased to 3.6 GHz. This can give
performance improvements for single-threaded workloads.

Charles et al. perform an analysis of this feature using SPEC CPU2006 on a 3.2 GHz Core i7-based
system and find that TurboBoost provides, on average, a 6 % improvement in performance [Charles
et al., 2009]. However, they predict that this would be coupled with an average 16 % increase in
energy consumption by the CPU. This increase in energy consumption is predicted using a simple
model for the dynamic power consumption of their processor based on Equation 2.2, hence it
does not account for energy consumed because of static leakage power in the processor or energy
consumed by the rest of the system.

Unfortunately, the TurboBoost feature is controlled entirely in hardware by the power-management
unit. The OS has only the ability to enable or disable it. Scheduling policies could be developed to
allow single-threaded workloads to take advantage of TurboBoost at the cost of forcing other cores
to sleep, however this is not the focus of this thesis.

2.3.4 Dynamic cache resizing

Caches contribute a large proportion of total processor power, as they require vast amounts of
transistors and processor die area, adding to static power draw. To address this issue, some
processors implement a dynamically resizable last-level cache (LLC). Using this mechanism, static
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Figure 2.5: Variability in semiconductor power consumption, as predicted by the ITRS.
[ITRS, 2009]

leakage power can be reduced when the entire cache is not required. Intel implements this feature
with some of its mobile processors, such as the Atom.

Control of dynamic cache resizing is handled by the processor, however the OS can influence some
decisions by changing thresholds, such as the CPU frequency below which cache resizing will
be applied. Additionally, the OS can give hints to the processor when entering deep idle states
suggesting that the cache should be resized.

2.3.5 Adaptive voltage scaling

The manufacturing techniques used to create processors cause variability in the transistor threshold
voltages across supposedly identical devices. For this reason, at manufacture time, processors are
tested to determine the voltage required to run at their rated frequency. The ITRS predicts that
variability in static power consumption will increase dramatically over the next decade as feature
sizes become smaller, as shown in Figure 2.5. Wanner et al. perform a study to measure how sleep
(static) power varies in embedded processors which are supposed to be identical parts. They find
that the variation in static power at room temperature can be as much as 500 % [Wanner et al.,
2010].

At run time, temperature variation (due to power dissipation and external effects) causes the
threshold voltage of the transistors to change. Adaptive voltage scaling (AVS) tunes the supply
voltage to improve energy efficiency under this temperature variation. The OMAP 4430 processor
(which is analysed in Chapter 4) implements AVS by the way of its SmartReflex mechanism [Brian
Carlson and Bill Giolma, 2008]. However, like TurboBoost, the OS has little control over this feature.

As a result we have not analysed it in detail.
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2.3.6 Discussion

Manufacturers have implemented numerous mechanisms both to reduce processor power consump-
tion when compute resources are not needed and allow to OS developers to design algorithms to
trade power for performance. However, it is not immediately obvious that using these mechanisms
will improve energy efficiency. Therefore, analysis should be undertaken before they are used for a
practical purpose. This thesis focuses our analysis on DVFS and idle state usage as these mechanisms
create the most interesting dynamic trade-offs. The other mechanisms discussed are usually simply
enabled or disabled.

2.4 Evaluating Energy-management Techniques

OS developers are able to interact with the low-level hardware and have the ability to use the
power-management mechanisms that processor manufacturers implement. In order to evaluate
the effectiveness of a software power-management technique, the system being tested needs to be
instrumented or modeled in some way. Because computers are complex systems, it is often difficult
to analyse exactly where and how energy is used. This section discusses some methods that have
been developed to use the available power-management mechanisms described above and evaluates
their effectiveness.

2.4.1 Measurement and run-time profiling

Power consumption can be measured at various points in the system, resulting in measurements
with different meanings. For example, the power lines leading directly into the CPU package
can be instrumented, giving the power consumed only by the CPU [Esmaeilzadeh et al., 2011].
Alternatively, power consumption can be measured at the power supply, giving the total power
consumed by the system and all of its peripherals.

Flinn and Satyanarayanan developed PowerScope, a tool to provide feedback to the developer about
the energy consumption characteristics of their code [Flinn and Satyanarayanan, 1999]. The system
under test (SuT) is instrumented with power-measurement apparatus and a separate system is
used to record the data. Each time the measurements are sampled, the SuT is interrupted and
the interrupt handler routine records the program counter and details of the currently running
process. The data can be analysed at a later time to determine the energy efficiency of specific code
sequences.

Most modern CPUs have a performance-monitoring unit (PMU), which enables online measurement
of often hundreds of different events. The PMU consists of several configurable registers which
count architectural events, such as cache-misses, unhalted CPU cycles, dispatch stalls, etc. These
performance-counter events provide information about the performance of code running on the
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CPU, helping to fine-tune and debug programs. They can also be used as parameters in models for
estimation of power consumption and execution time.

Isci and Martonosi instrumented a Pentium-4-based system with a power meter and used the
processor’s PMU to determine the power consumed by individual functional-units within the
processor [Isci and Martonosi, 2003]. The Pentium 4’s Netburst architecture provides 18 hardware
performance-counter registers allowing simultaneous measurement of up to 18 events. In contrast,
processors based on Intel’s more recent Pentium M, Core and Nehalem architectures can measure
only two events simultaneously. Isci and Martonosi validate their model using SPEC CPU2000
benchmarks and report an average absolute error of 2W, and a maximum error of 5.8 W. After
interpreting the figures, this would seem to be about 4 % and 12 % error respectively. They also
perform several real-world desktop workload benchmarks such as browsing web-pages and using a
spreadsheet, but do not report specific results from these.

Measurement at run time is a concrete method to ensure that accurate data is obtained, however the
situations in which most systems are deployed limit the feasibility of this approach. Profiling is useful
to obtain accurate results while software systems are in development and testing phases, but when
they are deployed on systems that differ from those used during testing, accurate results cannot be
ensured. Processor manufacturers are starting to include power-measurement apparatus on the
processor die, for example Intel’s power-management unit includes current, temperature and voltage
measurement sensors. However, at this point in time, these measurements are not made available to
the user. If designing custom hardware, as is often the case for embedded systems, including power-
measurement sensors is not difficult. The OpenMoko Freerunner, analysed by Carroll and Heiser, has
component locations for sense-resistors on the main PCB, allowing individual sub-components, such
as CPU and memory to be measured individually [Carroll and Heiser, 2010]. However, to achieve
this, external data acquisition hardware was required. The PLEB2, a custom-designed, education
oriented, embedded system included a separate micro-controller and sense-resistors to allow power
measurement of several subsystems at run time and thereby enable energy-use profiling and online
optimisation [Snowdon and Johnson, 2003].

2.4.2 Simulation and trace analysis

Simulation is a technique where a model of a system is developed and used to determine how
a real system would react to changes in certain characteristics. Often to achieve this, a trace of
a real system is recorded and then used (or played back) within the simulator to ensure that it
remains coupled to reality. This technique can also allow comparison to ideal situations in which
the real system lacks some information that a trace-based simulation can access (usually because
that information is the result of a future decision). However, this can lead to the development of
systems that rely too much on unrealistic, ideal models.

Brooks et al. modify Turandot, a cycle-accurate simulator for IBM POWER 4 processors to integrate
PowerTimer, which provides a model for the power consumption of low-level functional units within
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the CPU [Brooks et al., 2003]. They use the simulator and models to predict the effects of various
architectural modifications on energy efficiency, for example, they find that when increasing the
size of the L1 data cache, the performance improvements from lower miss rates are shadowed by
a large increase in power consumption. Simulation at this level can be used to make informed
decisions about which architectural features are important when designing new processors.

Isci et al. use Brooks’ PowerTimer framework to analyse the effects of global versus per-core DVFS
on a chip multi-processor (CMP) for SPEC CPU workloads. They found that with a global view of the
tasks running on a CMP, they could better constrain the power consumption of the chip as a whole,
while maintaining performance at a suitable level [Isci et al., 2006].

In 1994, Weiser et al. introduced the idea of varying the CPU frequency using DVFS based on the
system load to optimise energy efficiency [Weiser et al., 1994]. He used a trace-based simulation
to analyse the effects of changing CPU frequency at OS scheduler invocations on system energy
consumption. A variant of this technique is now widely used, including in mainstream Linux which
we described in Section 2.5.2.

Grunwald et al. performed an analysis technique developed by Weiser et el. to determine if it
could be applied to real devices and workloads [Grunwald et al., 2000]. They used workloads
such as MPEG playback and serving web-pages on a device with a Strong ARM SA-1100 processor.
However, they were disappointed by the lack of energy savings that DVFS could realise in the
realistic scenarios they tested. They also showed that the algorithms used by Weiser et al. were
impractical because they require future knowledge only available during the trace-based simulation
run.

Lorch and Smith describe a methodology called PACE designed to optimise such algorithms for real-
time tasks with soft deadlines [Lorch and Smith, 2001]. PACE predicts the probability distribution
of a tasks work requirement (i.e. the number of cycles it will take to execute) by looking at
past instantiations of the same task. It can then estimate a frequency that will minimise energy
consumption while keeping the execution to the real-time schedule.

Simulation can allow theories to be tested, usually without significant implementation overhead. For
example, simulating the effects of increasing L1 cache size before manufacturing a new processor
design. However, care must be taken to understand the limitations of simulation, for example,
during a simulation, the system being developed can use information that it would otherwise not
have a priori, such as knowing how long a task is going to take to execute. Furthermore, simulators
often make use of simplified system models in order to limit implementation complexity. This makes
them less accurate than testing on real systems. For example, Snowdon found that the efficiency of
the CPU’s voltage regulator on a Dell laptop changed when it switched between modes depending
on CPU power requirements [Snowdon, 2010]. Without looking at the real system, the simulator
would be unable to account for this change in efficiency.

For these reasons, we find that actual measurements of real systems give more reliable results for
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our analyses. The use of actual measurements ensures that all the idiosyncrasies of the system are
accounted for when measuring total system power at the power-supply unit (PSU).

2.4.3 Modelling and accounting

Modelling is a technique where some measurable characteristics of a system can be used to predict
some other unmeasurable characteristic. In the scope of this thesis, modelling power consumption
has been attempted numerous times in the literature, usually because computer systems do not
have the ability to measure their own power consumption.

2.4.3.1 Modelling power consumption

Bellosa was the first to propose using performance-counter events to model processor power
consumption [Bellosa, 2000]. Bellosa showed that a relatively simple linear model can accurately
predict the power drawn by a processor when executing a piece of code. For the process cruise-control
framework (described in Section 2.5.1) Weissel and Bellosa hand-picked several performance-
counter events for use in their models.

Pusukuri et al. show that simple models for power consumption can be developed using a small
number of performance-counter events as predictors [Pusukuri et al., 2009]. Their models are
shown to be robust over a range of workloads from the SPEC CPU 2006 suite, however they find
that some benchmarks have a high prediction error. Their model is frequency agnostic, however
by using the SPEC CPU suites, they limit the generality of the model because the benchmarks are
single-threaded and do not exercise a multi-core system to its’ full extent. This is shown in the
validation where the SPECjbb 2005 benchmark (a multi-threaded benchmark) has a high prediction

€ITor.

Snowdon et al.’s early work looked at several simple embedded systems such as the PLEB2, based
on the Intel XScale PXA255 processor [Snowdon and Johnson, 2003; Snowdon et al., 2007]. This
is the same processor used in Weissel and Bellosa’s process cruise-control framework described in
Section 2.5.1. The models developed for this simple processor were highly accurate and relatively
easy to characterise. This is because the PXA255 has only 15 different performance-counter events
which may be measured. Furthermore, the PXA255 lacks complex architectural features such as
hardware prefetching [see Intel Corporation, 2003, Section 6.1.1, page 55]. Complex features, as we
will show, can cause effects that are difficult to predict from measurements of performance-counter
events.
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2.4.3.2 Modelling energy consumption

For power-management, an important aspect of modelling energy (as opposed to just power con-
sumption) is predicting the execution time of a piece of code at various CPU frequencies, since:

Energy = Time X Power 2.4

The execution time of a piece of code, T, can be broken down into the number of cycles spent in

various frequency domains:

(& Cy Cs
T=—4+—"4+ = . 2.5
TR (2.5)

These frequency domains (f, fo and f3) may be made up of the CPU itself, the L3 cache which
runs at a different frequency and main memory which operates at yet another frequency. Each
component in Equation 2.5 has a coefficient that represents the amount of time that the system
spends waiting for that component. An example of such a topology is the AMD Shanghai Opteron
processor, where the CPU cores, L3 cache and main-memory all operate at different frequencies.

Equation 2.5 then becomes:
C Cr: Cmem Cco erenc
T - teru L3 h y (2.6)
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The Opteron architecture is also an example of a cache-coherent non-uniform memory access (cc-
NUMA) system with multiple CPU packages, each connected to its own bank of memory. The nodes
are connected over a high-speed bus, such as hyper-transport (HT) as is the case with the AMD
Opteron system. For workloads which share data, cache coherency traffic between nodes can be
substantial and as a result the model must accommodate for the CPU cycles spent waiting for the
coherency frequency domain.

Using the PMU, we can estimate the number of cycles spent in each frequency domain using a
model such as

Cr3 = al2_cache_misses
Crem = BL3_cache_misses 2.7)

CCOhGT‘G'nCy = ’yRemoteJ’equests
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where «, 8 and ~ are platform-dependent coefficients determined through a process called model
characterisation.

Modern processors have a cycle counter which can be used to measure total CPU cycles during
execution, Cy,tq;- In that case, Equation 2.6 can be rewritten as:

fepu Cps— feru fepu

- Cco erenc 2.8
fLB fmem g Y ( )

C'C'PU = Ctotal - mem

fcoherency

The model in Equation 2.8 contains what may seem like obvious parameters (from Equation 2.7).
However, in reality, parameter selection is not so simple.

Rajamani et al. develop a model for predicting the performance impact of frequency changes on a
single-core Pentium M system [Rajamani et al., 2006]. They use a small set of synthetic benchmarks
to characterise their model for execution time. They then validate their model with benchmarks
from the SPEC CPU 2000 suite showing that it has, on average, 10% prediction error. Like Bellosa,
they hand-pick the performance-counter events to use as parameters in their models.

Snowdon improved on Bellosa’s and Rajamani’s approach by developing a technique to systemati-
cally analyse and choose the best parameters for a model from the pool of potentially hundreds of
performance-counter events available on recent processors. The outcome is the characterisation of
two models, allowing for prediction of execution time and power consumption under varying CPU
frequency.

Snowdon’s approach has three stages:
1. choose a characterisation benchmark set and measure the system exhaustively;

2. perform a regression subset-selection to choose performance-counter events and their coeffi-
cients; and

3. evaluate (validate) the generated models on a different set of workloads.

The first stage involves running each benchmark workload at each available CPU frequency while
measuring each of the available performance counter events, as well as the energy consumed by the
system during each benchmark run. This requires running multiple iterations, not only for statistical
reasons, but also because most recent CPUs can only measure two to four events at once.

The second stage is to use a computational statistics package such as R to perform a regression
subset-selection [R, 2011]. This involves trying each of the performance-counter events measured in
stage one in a model to see which ones provide the highest accuracy. This can be time-consuming,
depending linearly on the number of benchmarks in the set, the number of frequencies and the
maximum number of parameters to try in each model.



20 CHAPTER 2. BACKGROUND AND RELATED WORK

Residuals vs Fitted

0.2

19 782009

=
-

Residuals
0.0 0.1

-0.1
|
o

Fitted values

Figure 2.6: Plot of model residuals against measured value for an execution time model with four
parameters [R, 2011].

Since only a small number of parameters can be measured at once, there are also constraints
between the two models. If the execution time model uses four parameters then the power model
must contain a subset of those four. Snowdon characterised the execution time model first and then
used the parameters chosen in a subset-selection for the power model.

Part of the second stage is to visually inspect the residual plots to determine how the model
is performing. Figure 2.6 shows a graph plotting residuals versus measured values. The value
being predicted is actually the ratio of CPU cycles at the current frequency and CPU cycles at the
target frequency (the frequency we are predicting)—this is shown on the x axis. The y axis shows
the residuals, or error, in each prediction. Each circle on the graph represents an iteration of a
benchmark workload being run at one frequency and the ratio of cycles being predicted at another
possible frequency. From the graph, the maximum percentage error seen is approximately 10%
(0.2/1.8).

The third stage involves validating the models generated in stage two. A different set of validation
benchmarks are chosen (these should be different to those used during the characterisation) and
the models are used to predict the energy consumed at run-time. The actual energy consumed is
still measured using a power-meter. The predicted energy is compared to the measured energy to
determine the accuracy of the models. See Chapter 3 for an example of such a validation.

Bellosa pioneered the performance-counter based modelling approach, which Snowdon improved
on. Several others have also used performance-counters to model both execution time and power
consumption under varying frequency, resulting in reasonably accurate predictions for older, single-
core processors. Our own work attempts to extends this approach to modern, multi-core processors.
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2.4.4 System-level analysis

The work most closely related to our own was done by Miyoshi et al. on a laptop-class system
[Miyoshi et al., 2002]. They showed that the decrease in slack-time resulting from running at a
lower CPU frequency can offset any energy savings realised by using DVFS. Using a web-server
workload they found that it was more energy-efficient to run at a high frequency (i.e. race-to-halt)
for both high-utilisation and low-utilisation scenarios. However, the kind of systems available
9 years ago (when their study was performed) are very different to those available today. As
discussed in Section 2.3.2, modern CPUs offer many low-power idle states and their usage results in
significantly reduced power consumption.

Bircher et al. use performance-counters to develop models of an entire system, as opposed to just
the CPU. Their technique uses the relationship between certain CPU performance-counter events
and other activity in the system to attribute power consumed by subsystems such as the hard-drive,
chipset and memory [Bircher and John, 2007]. They characterise their models with SPEC CPU
benchmarks, a Java benchmark and a synthetic disk benchmark. The models they developed were
shown to have an average error of less than 9%.

More recently, Bircher et al. have looked at DVFS on CMP systems such as those based on AMD’s
Opteron processors [Bircher and John, 2008]. Bircher et al. find that reducing the frequency of a
single core has a negative effect on the performance of other cores operating at higher frequencies.
This was found to be due to the Opteron’s shared cache architecture. Cache coherency probes to
cores that are running at low frequencies take longer, and as a result, workloads that share memory
are affected by DVFS decisions in ways that older systems were not.

Carroll and Heiser analyse the power consumption of several smart-phones, firstly by fine-grained
instrumentation of an OpenMoko Freerunner, an open-source mobile hardware platform [Carroll
and Heiser, 2010]. They find that most power is consumed by components other than the CPU,
such as radios and the LCD back-light. These findings are validated by measuring the total power
consumption of two more recent smart-phones, the Google G1 (HTC Dream) and Google Nexus 1
(HTC Desire).

System-level analysis provides a complete picture of the power consumption characteristics of a
computer system. It gives an indication of which components are the most power hungry, and
therefore, suggests the best places to look for opportunities to improve energy efficiency. Miyoshi et
al. perform a similar study to our own on a much older system [Miyoshi et al., 2002]. However,
power-management and computer architecture have moved on since then. Carroll and Heiser’s
recent study finds that on embedded systems, the processor consumes a small proportion of total
power relative to other components, such as LCD back-lights and wireless network radios [Carroll
and Heiser, 2010].

Our work looks at the effectiveness of DVFS on more recent systems which have numerous low-
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power idle states. In the past, processors either had no idle states or, only a single idle state with
relatively high power consumption when compared to the processors of today.

2.4.5 Scheduling on multi-core systems

Systems based on multi-core processors present opportunities to choose tasks to co-schedule. Merkel
and Bellosa study the effects of co-scheduling tasks with different memory-intensity. This is achieved
by sorting (by memory-intensity) the run-queues that the OS scheduler maintains for tasks executing
on the system. They find that DVFS only saves energy when memory-bound tasks are co-scheduled
together [Merkel and Bellosa, 2008]. However, in doing this, the performance of these tasks is
severely impacted. Their conclusion is that the optimal scheduling strategy for maximum energy
efficiency is to co-schedule memory-intensive tasks together with compute-intensive tasks. This
allows the memory-intensive task full use of the memory hierarchy, with minimal impact on the
performance of the compute-intensive task, which has a memory-footprint that fits inside the
core-local cache.

Asymmetric multi-processor (AMP) systems were proposed as a more power-efficient way to design
multi-core processors [Kumar et al., 2003, 2004]. Currently, multi-core processors include many
cores of the same instruction-set architecture (ISA) and design, operating at the same frequency (i.e.
symmetric multi-processor (SMP) systems). An AMP may contain cores which are fast or slow. Fast
cores are characterised by deep pipelines and high issue width, out-of-order execution, aggressive
branch prediction and high frequency. Slow cores, on the other hand, may have shallower pipelines,
be in-order, single-issue, etc. The power-performance trade-offs differ greatly between these two
core types. Certain workload types are better suited to slow cores, while others are more suited to
fast cores. Because workloads may exhibit both compute-intensive and memory-intensive phases,
the decision about which core to run on cannot simply be made at the beginning of program
execution. Rather, the program must be monitored at run-time and a decision made (by the OS
scheduler) about whether to migrate a task between cores.

Saez et al. developed a comprehensive scheduler for AMP systems [Saez et al., 2010]. Using
hand-picked combinations of SPEC CPU workloads, they established a model which can predict the
speed-up factor of running a task on a fast core compared to running on a slow core. Their model is
shown to be accurate over a wide range of workload types, including those that are multi-threaded.
On their test system, fast cores are characterised only by a high frequency. There are many different
ways in which fast and slow cores can vary, such as those described above. They conclude that,
regardless of the characteristics of the cores, AMP systems are a viable alternative to SMP systems.

As there are currently no commercial AMP systems available, they must be emulated. This can
be achieved in various ways. Many have used DVFS to create performance asymmetry. Li et al.
also study scheduling on AMP systems. However, instead of using DVFS, they create performance
asymmetry by controlling the issue width on an x86 processor [Li et al., 2007]. This is done by
putting one or more cores of a CMP into a special ‘debug’ mode. They present AMPS an OS scheduler
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that supports architectures with both SMP and NUMA style performance asymmetry. Using a range
of workloads (SPEC OMP, SPECjbb, kernbench and Ogg Vorbis encoding) they show that AMPS is
capable of improving performance by up to 44 % compared to the standard Linux 2.6.16 scheduler
for some workloads. The focus of this paper is on improving performance rather than energy
efficiency.

Scheduling presents many interesting opportunities for power management on multi-core systems.
However, constraints between cores, such are operating frequency and shared resources limit the
benefits achieved from mechanisms such as DVFS as Merkel and Bellosa show.

AMP systems are an interesting new direction for processor architecture and bring different trade-offs
to power-management. Work in this area is mostly unrelated to our own, however our work could
influence the design decisions made in these new processors, for example, whether to implement
per-core DVFS or provide only chip-wide DVFS.

2.4.6 Discussion

Researchers and OS developers have used power-management mechanisms in numerous ways
to achieve many different goals. The primary purpose of their work is to improve the energy
efficiency of computer systems, allowing increased longevity for battery-powered devices and
reduced power/cooling bills for data-centres. Much of the prior work in this area has used DVFS,
however, few have analysed how its effectiveness has changed over time.

2.5 OS Energy Management

The OS plays a critical role in power management. Many previous researchers have developed
novel ways to leverage power-management mechanisms in order to improve energy efficiency or to
attribute energy consumption to particular system activities. Power management is an active area of
research in academia and in the industry. However, while academia thrives on publication, industry
is often secretive about techniques that give a competitive advantage. Battery life is a critical driver
for power-management research in the industry, and, often the results of such research are not
published. However, the power-management frameworks used in Linux are open-source. Firstly, we
discuss several research frameworks, and secondly, we discuss those within Linux.

2.5.1 Research frameworks

Researchers have studied OS power-management for many years, resulting in the development of
many frameworks. The primary goals of these frameworks is to attribute energy consumption to
tasks running on a system and allow intelligent power-management decisions to be made.



24 CHAPTER 2. BACKGROUND AND RELATED WORK

For example, Weissel and Bellosa developed process cruise-control, a framework that is based on
modelling the response of workloads to changes in CPU frequency [Weissel and Bellosa, 2002].
This was achieved by correlating hardware performance-counter events (measured by the PMU)
with performance and energy consumption measurements. Performance-counter measurements are
recorded at run-time for each process running in the system. The expected performance loss is then
calculated for each frequency the processor can run at, and a frequency is chosen that will give no
more than 10 % performance degradation. This system was able to achieve energy savings of up to
22 % for memory-intensive applications when frequency alone was scaled. It was further claimed
that their system would achieve savings at least 37 % if the voltage was scaled as well.

More recently, the Koala framework, which builds on the ideas pioneered in process cruise-control,
was developed by Snowdon et al. [Snowdon et al., 2009]. Snowdon surmised that in order to
make intelligent power management decisions, one must first know how the system will respond.
Using the techniques described in Section 2.4.3, two mathematical models (one for execution time
and one for power consumption) were used to predict the energy consumed by a workload at
various processor frequencies when using DVFS. At run time, OS scheduler invocations were used
as points to run the models, and data was collected from the performance-counters during each
time-quantum. A policy framework was constructed around the models allowing the system to
respond to different user requirements. The generalised energy-delay policy is represented by

n= Pl x Tlte (2.9)

where 7 is the value to be minimised, P is power and T is time. This gives the user a single variable
parameter, «, which has a range of —1 < a < +1. The range is continuous, however some values
result in the more well-known policies:

a =1 gives maximum performance (no reductions in CPU frequency)

a = 0.33 gives minimum energy-delay product (maximises MIPS/W, i.e. computational
efficiency)

a = 0 gives minimum energy
a = —1 gives minimum power (i.e. the lowest frequency)

At each time-quantum, this policy was used to determine the frequency at which a task should run.
By using the OS’s process model, each task is treated separately, allowing a different frequency to
be chosen for each workload.

High-level policies can also use the generalised energy-delay policy. For example, the system may be
battery powered, and as the battery charge depletes, longevity may become more important, so «
may be lowered to reduce energy consumption.
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The Koala framework was shown to improve the energy efficiency of some workloads by up to 24 %,
while having little impact on performance [Snowdon et al., 2009].

However, the Koala framework focused only on the CPU and memory. Zeng et al. developed
ECOSystem, a framework that attempts to fairly share energy resources amongst tasks running on
a system [Zeng et al., 2003; Zeng and Lebeck, 2005; Zeng et al., 2002] Zeng et al. introduce the
idea of currentcy, which represents energy. Currentcy is allocated to tasks when they begin, and
continues to accumulate over time. Currentcy is consumed when a task runs on the processor, or
has the OS perform other tasks on its behalf, such as disk I/0. If a task runs out of currentcy, it
may no longer be scheduled on the CPU. A task’s currentcy will continue to accumulate over time,
allowing it to be scheduled again once enough has been accumulated. The CPU model they use is
simplified by assuming that the CPU consumes a fixed amount of power when doing work.

Cinder is similar to ECOSystem, in that it allocates energy resources to tasks [Roy et al., 2011].
However, Cinder achieves this by using the separation that a microkernel provides. Reserves are
stores of energy, and taps control the rate of energy use. The battery is the root reserve, from which
all energy is sourced. Cinder supports:

e isolation, which forces tasks to share the energy resources fairly;

e delegation, which allows a task to specify some portion of its allocated energy resources to a
system-wide task, such as a network stack; and

e subdivision, which allows one task to share some of its energy resources with another.

The authors claim that the ARM processor used in their test system (an HTC Dream) lacks the ability
to measure performance events. For this reason, they assume that tasks executing on the processor
consume a fixed amount of power. This sort of framework is useful when tasks need to activate a
costly resource, such as a network interface. On a mobile phone, many tasks may want to perform
network operations, but alone, a task may not have enough allocated energy to activate the costly
wireless radio needed to perform network operations. However, if multiple tasks pool their energy
resources by collaborating (using Cinder’s delegation mechanism), the cost of activating the radio
can be amortised over several tasks, thereby limiting the rate at which the radio is activated and
improving energy efficiency.

2.5.2 Linux

Linux is unique from the well-known commercial OSes by being completely open-source. This makes
Linux an obvious choice for research purposes, because it is easy to alter and understand.

The kernel sources for other OSes such as Windows and Mac OS X are mostly unavailable. Even when
source-code is provided, such as with Apple’s Darwin (XNU) kernel, the code which implements the
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power-management control is excluded. Presumably, this is because the creators believe that the

technology used is proprietary and keeping it secret gives them a competitive advantage.

The Linux kernel has two major subsystems which control power-management, cpufreq and cpuidle,
which respectively control DVFS and idle mode decisions.

2.5.2.1 The cpufreq framework

The cpufreq framework includes algorithms that decide what frequency the CPUs cores should
operate at, based on some heuristics measured by the system.

Several governors can be loaded into cpufreq. These governors apply a policy for choosing an
appropriate CPU frequency.

The ondemand governor monitors the load on the CPU, and reduces the CPU frequency by one step
if the load falls below a certain threshold. Conversely, if load rises above a pre-defined threshold it
will immediately increase the frequency to the maximum.

The governor checks the load every 80 ms by default thereby allowing the CPU frequency to track
the system load closely, hence the name on demand.

The conservative governor is similar to the ondemand governor, however, when load is detected
above the threshold, it will only increase the frequency by one step, rather than immediately to the
maximum.

There are also two more simplistic governors, performance and powersave, which respectively hold
the CPU at the highest and lowest frequencies.

Lastly, there is a userspace governor which allows the user to specify which frequency each core
of the CPU should operate at. This also allows a userspace application to implement some other
arbitrary policy to control frequency changes.

2.5.2.2 The cpuidle framework

The cpuidle framework uses algorithms to decide which depth of sleep the processor should be put
in when there are no tasks to schedule.

Like cpufreq, there are several governors which can be loaded into cpuidle which apply different
policies to choose a sleep state to enter when the CPU is idle..

The ladder governor has two thresholds, one for promotion and another for demotion. It chooses
a progressively deeper C state if the previous residency is maintained above the threshold for
promotion, and chooses a lighter sleep state if the residency is below the demotion threshold.
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The menu governor uses information provided by processor vendors about C state entry/exit costs
and the next known timer wake-up event to estimate the amount of time that the CPU will be idle.
It then corrects its estimate by checking if there is outstanding disk I/0 that may cause the CPU to
wake up early. Using its estimate of idle time, it chooses a C state that has a break-even energy cost
(i.e. it will choose a deep sleep state only if it thinks that energy will be saved).

The effectiveness of these governors has not previously been analysed quantitatively in the literature.
In Chapter 4 we present some results from use of these governors.

2.5.3 Discussion

Many of these frameworks suffer from high complexity. The frameworks tend to be difficult to
apply to real-world systems as they use complex models that depending on a system have defined
characteristics. If a model is used on a system that does not possess these characteristics, it may not
achieve any energy savings and may actually increase energy consumption.

For example, Linux uses comparatively simple, heuristic-based algorithms that make assumptions
about the use of DVFS which may adversely affect system energy efficiency. A common fallacy that
users of Linux often fall for is assuming that just because DVFS is implemented on their processor,
using it will improve their laptop’s battery-life, when in fact, it may reduce it.



Chapter 3

The Impact of Memory Throughput

3.1 Introduction

To determine whether it is best to ‘slow down’ or ‘go to sleep’, it is necessary to understand how
changing the CPU’s frequency will impact the performance of a workload. This, in turn requires an
understanding of the basic architecture of modern computer systems.

Most modern systems are based on the von Neumann architecture. At the heart this architecture is a
CPU connected to a block of memory, usually consisting of dynamic random access memory (DRAM)
from which both data and instructions are fetched to be executed on the CPU. The DRAM (often
called main memory) and the CPU operate asynchronously at different clock rates, hence there is a
performance disparity between tasks that are CPU-bound, (i.e. few instructions require operands
sourced from main memory) and tasks that are memory-bound (i.e. many instructions require
operands sourced from main memory). Other architectures, such as the Harvard architecture which
has separate memory for instructions and data, are less common. For this reason, we focus on the
von Neumann architecture.

In the past, CPU performance has increased at a greater rate than memory performance, resulting
in a growing gap. This has resulted in a bottleneck, often referred to as the von Neumann bottleneck,
where many tasks require access to a shared, unified memory over a single shared bus. As multi-core
processors with many cores accessing a single, shared main memory become more common, this gap
will continue to exist. However, for the still common class of workloads that are single-threaded and
use only a single core, this gap has recently begun to shrink as CPU core frequencies have plateaued
and memory performance has continued to improve. When running alone, these workloads can see
significant benefits from the much greater memory throughput available on recent systems.

The range of memory-intensity, from CPU-bound to memory-bound, is continuous. Where a
particular task falls on this continuum depends critically on the type of workload that is running
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Figure 3.1: Runtime vs. frequency (top) and CPU cycles vs. frequency (bottom) for several SPEC
CPU2000 benchmarks on a Pentium-M. All values are normalised to the maximum frequency,
1.8 GHz.

and the patterns in which data are accessed. It also depends on the number of tasks that are
running. For example, workloads that are CPU-bound when running in isolation may become
more memory-bound when co-scheduled together on a multi-core processor. This is because some
resources such as L3 caches, are shared amongst all cores.

The effectiveness of DVFS at improving energy efficiency is also workload dependent. The runtime
of CPU-bound workloads, such as gzip increases significantly as CPU frequency is reduced, as shown
in the top graph of Figure 3.1. This is because the number of CPU cycles required to execute this
type of workload is approximately constant, regardless of CPU frequency. This is shown in the
bottom graph in Figure 3.1, where the line for gzip is approximately flat.

However, the other workloads, mcf and swim, have very different characteristics. They are examples
of memory-bound workloads and require significantly fewer CPU cycles to execute at lower CPU
frequencies, also shown in Figure 3.1. This is because when executing memory-bound workloads,
the CPU issues many instructions into the pipeline that require operands from main-memory,
saturating the memory hierarchy. This causes the pipeline to stall while waiting for operands to
become ready, before the pipeline can be restarted and execution may continue.
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Figure 3.2: Change in execution time of the SPEC CPU 2000 workloads on a recent AMD Opteron
with prefetching disabled. Note that the performance of 181.mcf actually improves with
prefetching disabled.

The disparity between memory and CPU performance can create power-management opportunities,
e.g. using DVFS to slow the CPU down when stalling is detected. On the Pentium-M-based laptop,
swim is almost 100 % memory-bound. At one third the CPU frequency, almost one third of the CPU
cycles are required to execute the workload. This corresponds to a 9 % performance degradation
when compared to the maximum frequency. Snowdon found that by reducing the CPU frequency for
this workload, energy efficiency could be improved by approximately 24 % [Snowdon et al., 2009].

The bottom graph in Figure 3.1 shows that the relationship between CPU frequency and normalised
CPU cycles is clearly linear for all three workloads. Hence, the number of CPU cycles required to
execute a workload can be estimated, provided there is data that can be measured to predict the
memory-intensity of the workload. In the past, as described in Section 2.4.3, performance-counter
events, such as LLC misses, have been used as a means to predict a workload’s memory-intensity. In
Section 3.3, we look at how such a model can be constructed.

3.2 The Effects of Aggressive Prefetching

Prefetching is a technique used to improve memory throughput for workloads that access memory
with predictable patterns. Modern processors implement a stride detector which analyses the memory
addresses that the CPU calculates and issues to the memory controller. If a pattern of accesses with a
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consistent distance between addresses (called stride size) is detected, the cache lines containing the
data are pre-fetched from main-memory into a local cache, before the processor issues the instruction
which requires the data. The prefetch distance is the number of cache lines that will be prefetched
when a strided access pattern is detected. With raw increases in memory throughput from new
memory technologies (DDR2, DDR3, etc.) prefetch distance is continually being increased.

Figure 3.2 shows how prefetching affects the performance of the complete SPEC CPU2000 bench-
mark suite on a recent quad-core AMD Opteron processor codenamed Shanghai. When prefetching
is disabled, most of the workloads experience a significant increase in execution time. However,
some, such as 181.mcf (shown far left in the figure) actually benefit from having prefetching
disabled. Overall, prefetching gives an impressive boost in performance.

3.3 Modelling Workload Performance Under Varying CPU Frequency

To determine when the CPU’s frequency can be scaled without sacrificing performance, we need to
predict how a workload will perform at different CPU frequencies.

As described in Section 2.4.3, Snowdon’s Koala framework uses two predictive models, one for
execution time and another for power consumption. These provide an estimate of the energy
consumed by the CPU when executing a task. Choosing parameters and their coefficients requires
a one-time model-characterisation on the system that is being modeled. The models are then
used at runtime to provide energy consumption estimates which drive power-management (DVFS)
decisions.

Snowdon et al. analysed several systems. However, the two systems for which models were built and
validated were less complex than the systems available today. The Pentium-M- and first-generation
AMD Opteron-based systems that were modeled are single-core systems. Today, all systems have at
least a dual-core processor, including embedded systems such as the iPad 2 and Pandaboard. In
addition, Snowdon et al. simplified the models by making certain assumptions about the systems he
was modelling. For example, he assumed that the workloads being modeled did not perform disk
1I/0.

To improve Snowdon’s Koala power-management framework, thus allowing it to be used on more
recent systems with multi-core processors, would require relaxing some of the assumptions made
during its development and improving it so that it has:

e areduced reliance on the SPEC CPU benchmark suites for model-characterisation;
o the ability to accurately model workloads that perform I/O to mass-storage;
e the ability to accurately model workloads that cause slack-time in the system; and

¢ the ability to accurately model multiple CPU cores with shared resources.
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Multi-core processors present several interesting complications for this type of modelling when
compared to their more simple, single-core predecessors. For example, the individual cores of
modern a chip multi-processor (CMP) share an on-die cache, which allows multi-threaded workloads
to share data efficiently. A performance-counter event that measures the number of accesses to main-
memory needs to be broken down into per-core event counts in order to model the characteristics
of tasks on each core separately and the models need to be adapted to handle these situations.

Initially, we focus on the first point, by developing a methodology to characterise the models using
a synthetic workload.

3.3.1 Model characterisation

Snowdon’s work lead to the development of the models for a single-core AMD Opteron-based system
codenamed (Sledgehammer). The models were characterised using SPEC CPU2000 and validated
using SPEC CPU2006, as per the stages described in Section 2.4.3.

Characterising the two models (i.e. execution time and power consumption) is a complex process.
On the one hand, the characterisation set should exercise the entirety of the CPUs architectural
features, giving the model a wide coverage and ability to predict general workloads. On the other
hand, the performance-monitoring unit (PMU) has many hundreds of events that can be chosen to
parameterise the models. In addition, modern CPUs are very complex devices with many (often
measurable) architectural features designed to improve performance. A larger characterisation
set will exercise a wider range of these performance-counter events, however the number of
simultaneously measurable counters is currently limited to two or four, depending on processor
generation. The Pentium-M processor allows simultaneous measurement of two events, while AMD’s
Opteron processors allow four events to be measured. In the past, the Netburst architecture on which
the Pentium-4 was based allowed 18 events to be measured simultaneously. The small number
of simultaneously measurable events on recent processors makes modelling general workloads
difficult, because the complete set of behaviours of a large characterisation set cannot be predicted
to high accuracy with only two to four parameters. We found that characterising a two to four
parameter model with a very large characterisation set resulted in a model that performed poorly
for all workloads.

Bircher and John found that a model based on L3 cache misses alone did not predict the energy
consumed by an AMD quad-core Opteron system to a high accuracy. They found that when running
multiple instances of the SPEC CPU2000 181.mcf workload, memory power increases while L3
misses actually slightly decrease [Bircher and John, 2007]. This is a perplexing result, suggesting
that the Opteron processor would be difficult to model using performance counter events.

Snowdon et al. had more success, finding a balance between characterisation-set-size and model
generality for a relatively simple single-core processor, the AMD Sledgehammer Opteron. Figure 3.3
shows a comparison between model-estimated versus actual execution time (top) as well as model-
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estimated versus actual measured energy consumption (bottom). The figure shows that the models
predict well for a large number of the workloads in the benchmark suite. However, the models
predict poorly for several workloads, such as Ibm_test and mcf test.

Performance-counter events are designed to measure very specific events and Snowdon et al’s results
suggest that the performance-counter events used in their models were unable to characterise a
model with the ability to predict accurately for general workloads. Jotwani et al. found that 95
parameters are required to model the power consumption of a recent AMD processor to within 2%
error, for a wide variety of workloads [Jotwani et al., 2010].

3.3.2 Developing a synthetic characterisation workload

To improve the models in the situation where we can only measure up to four parameters, we
surmised that a synthetic benchmark, tuned to exercise different architectural features of a CPU
core, could be used to characterise a model that performs better when applied to general workloads.

We constructed a synthetic benchmark with model characterisation in mind. Such a benchmark
should:

have a controllable runtime, to be able to manage the time for characterisation,

¢ have controllable memory-intensity, to cover the continuum of memory-intensity,

be able to exercise the main functional units of a CPU core, to cover a wide range of workload

types,

be able to run on multiple cores, and

be statistically sound.

We designed the benchmark to copy data between two buffers of variable size. To vary memory-
intensity, several parameters can be tuned, namely:

e Buffer size: This parameter can be varied to determine whether the benchmark will fit inside,
or cause misses, at the various levels of cache available on a processor. If it is increased beyond
the size of the LLC, resulting memory accesses will be forced to main-memory.

e Stride size: This parameter can be varied or randomised to determine the effectiveness of
the hardware prefetch unit. Stride-size can also be used to vary, in a controlled way, the
percentage of accesses that will miss in the caches. An access pattern which has a constant
stride-size (the distance between memory access addresses) will allow the prefetch unit to
actively fetch operands before the CPU actually issues the instructions that require them.
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Figure 3.4: Comparison of normalised cycle count vs. CPU frequency for several SPEC CPU2000
benchmarks on a more recent Core i7. 3.60 GHz represents a TurboBoost frequency, all values are
normalised to this. Both swim and mcf show a non-linear relationship that is caused by hardware
prefetching.

e Compute operations: A variable number of compute operations (e.g. adds, multiplies, divides
etc.) or nops (no operation instructions) can be introduced to increase the time between
memory operations.

We use this workload in the next section.

3.3.3 Prefetching effects

The graph in Figure 3.4 shows an unusual result that was observed on several of our platforms.
As can be seen, the memory-intensity of the mc¢f and swim workloads on this platform varies
non-linearly with CPU frequency. Using a synthetic workload, we determined that this was caused
by prefetching. A reduced CPU frequency creates longer latency between memory requests, thus
allowing the prefetch-unit more time to satisfy memory requests for operands before the processor
issues the instructions requiring them.

Our attempts to model the effects of prefetching, were, ultimately, not successful. We believe that
this was primarily due to limitations in the events that the PMU can observe. We tried to model the
effects on an AMD Opteron system (based on a quad-core Shanghai processor) using the synthetic
benchmark described above. Figures 3.5 and 3.6 show the parameters that were selected for the
execution time model when prefetching was enabled and disabled. In these figures, each vertical
column represents a different model. A black or grey rectangle means that the corresponding
parameter on the left has been used as a predictor in that model. Moving toward the right, more
parameters are added, up to a total of four, which is the maximum number of discrete performance-
counter events that can be measured at once (on the AMD Shanghai processor). The intercept is
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Parameter Selection with prefetching enabled - R?
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Figure 3.5: This figure shows which parameters are selected for the time model when prefetching
is enabled and their correlation coefficients. Each column represents a model with one more
parameter included up to a maximum of 4 parameters. Y axis is R2.
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Figure 3.6: This figure shows which parameters are selected for the time model when prefetching

is disabled and their correlation coefficients. Each column represents a model with one more

parameter included up to a maximum of 4 parameters. Y axis is R2.
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simply a constant value that is included in the model, regardless of the predictor values. Hence, it is
included in all models.

In both cases, a single-parameter model (the left-most vertical column) selects the READ REQUESTS
TO DRAM controller (DCT) event as its only predictor. However, where prefetching is enabled, the
resulting model has a correlation coefficient (R2) of just 0.8. This represents a model that can
explain approximately 80% of the characterisation set data. If prefetching is disabled, the single
parameter model has a significantly improved R? of 0.95. This difference in model accuracy is
due to the single performance-counter event not being tightly correlated to actual memory bus
utilisation.

When a two-parameter model is used (the second column), the regression subset-selection chooses
READ REQUESTS TO DCT; and
ALL DISPATCH STALLS
when prefetching is disabled, and
READ REQUESTS TO DCT; and
L2 CACHE MISSES

when prefetching is enabled. We would expect the PREFETCH REQUESTS TO DCT event to be
picked to allow the model to predict the effectiveness of the prefetcher. Instead, the number of L2
cache misses is chosen as the better predictor, suggesting that the number of prefetch events is less
significant. This two-parameter model has an R? of 0.91 when prefetching is enabled, compared to
0.97 with prefetching disabled. The ALL DISPATCH STALLS event would seem to be a good choice
if hand-picking predictors for a model, however as it turns out, when prefetching is enabled, this
event is never picked by the automatic regression subset-selection.

If we increase the number of parameters to three (the third column), we see that the PREFETCH
EVENTS TO DCT event is now chosen and the model has an improved R? of 0.96 when prefetching
is enabled. However, this is still not as good as the case where prefetching is disabled, where R? is
0.97.

If we increase to four parameters, the model gets a slightly improved R? when prefetching is enabled.
However, other problems begin to appear with many-parameter models, such as over-fitting and
poor generality. With prefetching disabled, the model does not improve past two parameters,
suggesting that prefetching is the root cause of the inaccuracy and that the other parameters have
little statistical significance.
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Figure 3.7: Comparison of normalised runtime vs. CPU frequency for several SPEC CPU2000
benchmarks on the Core i7. 3.60 GHz represents a TurboBoost frequency, all values are normalised
to this.

3.4 Memory Throughput and DVFS

While observing the effects of prefetching on workload performance, we also noted that increasing
memory throughput reduced memory-related stalls in the processor pipeline, causing some work-
loads to become less memory-bound. This has an effect on the way in which workload performance
scales under DVFS.

Figure 3.7 shows runtime of the three SPEC CPU2000 workloads gzip, swim and mcf on a Core
i7-based desktop under varying CPU frequency. All three workloads experience significant increases
in runtime at reduced CPU frequencies, in contrast with the Pentium-M where the memory-bound

workloads swim and mcf experience only marginal increases in runtime.

Figures 3.1 and 3.4 show normalised CPU cycles for these workloads on the Pentium-M-based laptop
and the Core i7-based desktop. On the laptop, the memory-bound workloads require significantly
fewer CPU cycles when the processor is clocked at a lower frequency. For example, swim requires
almost 64 % fewer cycles at 0.6 GHz compared to 1.8 GHz. This corresponds to approximately
4% degradation in performance at one third the CPU frequency, suggesting that swim is a very
memory-bound workload. In contrast, on the desktop, swim requires only 25 % fewer cycles at one
third the maximum CPU frequency. That is, swim is significantly less memory-bound on the desktop
compared to the laptop.

The same can be said for mcf. The reason for this change in memory-intensity is because memory
throughput and latency has improved significantly in the time between the manufacture of the two
test platforms. Characteristics of the two systems are compared in Table 3.1. As the table shows, the
DRAM used in the Pentium-M laptop is double-data-rate (DDR) at a frequency of 200 MHz, which
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System Dell Vostro 430s Dell Latitude D600
Processor Intel Core i7 870 Intel Pentium-M 745
Die Codename Nehalem Dothan
ISA 64-bit x86 32-bit x86
Class Desktop Laptop
Cores 4 1
Threads 8 1
Frequency (GHz) 1.2-2.93 0.6-1.80
TurboBoost (GHz) 3.6 -
Voltage (V) 0.65-1.40 0.95-1.34
Process feature-size 45nm 90 nm
TDP O5W 21W
L2 cache 4x 256 KiB 2 MiB
L3 cache 8 MiB (shared) -
4GiB 1 GiB
Memory DDR3 DDR
1,333 MHz 400 MHz
DRAM channels 3 2

Table 3.1: Specifications of the two systems we analyse for the impact of memory throughput.
Thermal design power (TDP) is the maximum processor power dissipation expected. [ARK, Intel
Corporation, 2011]

gives an effective frequency of 400 MHz. The 1 GiB of memory is configured as 2x 512 MiB modules,
allowing it to run in dual-channel mode, giving a maximum theoretical throughput of 3.2 GiB/s.
In contrast, the memory of the Core i7 desktop is DDR3 which has more internal prefetching. In
contrast to the prefetching technique described in Section 3.2, this kind of prefetching is inside
the chips on the memory modules and amortises the column access strobe (CAS) latency over many
bytes. The memory controller of the Core i7 uses three channels for improved throughput, giving
it a theoretical maximum throughput of 10.667 GiB/s, more than three times the throughput of
the laptop. However, the two processors also have different a number of cores. The Pentium-M
is a single-core processor and its memory bus needs only to handle the requests from a single
workload at a time. In contrast, the Core i7 has four cores all sharing the same main memory and
memory-bus hence the memory hierarchy needs to handle a much greater potential throughput if
all cores are making requests for data at once. However, single-threaded workloads, like those used
above are still the predominant workload type on desktop systems, hence single-threaded memory
performance is still important.

3.5 Conclusions

CPU workloads sit on a continuum of memory-intensity. At one end, the runtime of CPU-bound
workloads, like gzip, significantly increases as CPU frequency is decreased. At the other end of the
continuum, the runtime of memory-bound workloads like swim and mcf increases less dramatically
with reduction in CPU frequency. Snowdon et al. have shown that in the past, the energy efficiency
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of systems running memory-bound workloads can be improved significantly by reducing the CPU
frequency [Weissel and Bellosa, 2002; Snowdon et al., 2009].

However, we found that the memory-intensity of single-threaded workloads, such as those that are
part of the SPEC CPU suites, has been significantly reduced due to the large increase in memory
throughput in the time between the release of our two test systems. When these workloads are
run on systems with multi-core processors, such as the Core i7-based desktop, memory-intensity is
reduced by up to 50 % when compared with the older Pentium-M-based system. As shown in the
next chapter, even running multiple concurrent instances of these workloads results in increased
energy consumption with DVFS.

Furthermore, we find that the performance-counter events available on the Shanghai Opteron
system are not capable of accurately predicting the effectiveness of the prefetch unit. This is a
critical problem when characterising the execution time model required for Snowdon’s Koala power-
management framework. As shown in Figure 3.2, prefetching gives a significant improvement in
execution time for almost all of the SPEC CPU2000 workloads and the execution time model must
be able to predict its’ effect. However, the model must also predict the slowdown experienced
by mcf, (as shown in Figure 3.3) which, even with a relatively simple single-core processor, it is
incapable of predicting accurately.

These findings suggest that there is a trend toward diminishing energy efficiency gains from DVFS.
However, this factor is one of many. The rest of this thesis aims to enumerate and analyse other
factors contributing to the diminishing returns from DVFS and to answer the central question: slow
down or go to sleep?



Chapter 4

Slow Down or Sleep?

4.1 Introduction

Over the years, processor manufacturers have introduced many new power-management mecha-
nisms. Section 2.3.2 introduced idle modes or C states, which are low-power modes that the cores of
a CPU can be put into when they are not needed for execution.

Idle modes are important for workloads that create slack-time in a system. Unfortunately, unmodified
SPEC CPU workloads do not allow the system to idle at all during their execution, thus the idle
modes of more recent CPUs are not exercised when these benchmarks are used.

Before we can finally answer the question slow down or sleep?, we must understand the way
workloads use CPU resources on a system and the costs associated with transitions between C states.

Much of the prior research into DVFS has used the SPEC CPU benchmark suites to analyse the trade-
offs in power-management [Standard Performance Evaluation Corporation, 2006]. These suites are
comprised of single-threaded, high-performance computing (HPC) workloads, designed to stress the
CPU and memory systems. In order to stress modern multi-core systems, many studies simply run
two or more instances of these workloads. Some choose workload combinations randomly, while
others hand-pick benchmarks to co-schedule. This methodology is sound, however incomplete,
because the workloads are still single-threaded and do not stress the cache-coherency framework
that CMP systems employ.

In this chapter, we analyse the effectiveness of DVFS by looking at a range of workload classes.
Firstly, we look at several SPEC CPU workloads that are compute-intensive and run the CPU at
100 % utilisation until completion. Next, we use a specialised framework to artificially introduce
slack-time into these SPEC workloads, therefore making them act like more bursty, real-world
workloads. Lastly, we look at several actual real-world workloads—MPEG playback and serving
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System Compucon Dell PowerEdge HP ProLiant DL365
K1-1000D SC1435 G5
CPU model 246 2216 2384
CPU die codename Sledge-hammer Santa Rosa Shanghai
Year 2003 2006 2009
Core count 1 2 4
Frequency (GHz) 0.8-2.0 1.0-2.4 0.8-2.7
Voltage (V) 0.9-1.55 0.9-1.35 1.0-1.35
TDP 89 W 95 W 75 W
Feature size 130 nm 90 nm 45 nm
Die size 193 mm? 230 mm? 285 mm?
Transistor count 106 M 243 M 463 M
L1 cache 64 KiB I & 64 KiB D per core
L2 cache (per core) 1 MiB 1 MiB 512 KiB
L3 cache - - 6 MiB (shared)
Line-size 64 bytes at all levels
512 MiB 4 GiB 8 GiB
Memory DDR DDR2 DDR2
400 MHz 667 MHz 667 MHz
DRAM channels 1 2 2
Prefetch distance (in 2 2 3
cachelines)
System idle power 74 W 145W 133 W

Table 4.1: Specifications of the three AMD Opteron processors and systems we analyse for the
compute-intensive workloads. All systems have a single CPU package.

Thermal design power (TDP) is the maximum processor power dissipation expected [Advanced
Micro Devices, 2010]

web-pages. One the one hand, MPEG playback is a single-threaded, bursty workload which is
common on many system classes. On the other hand, a web-server workload is also inherently
bursty, but is also multi-threaded, running on all the cores that are available in a CMP. Therefore, a
web-server workload will exercise the complete cache hierarchy of a modern CMP, including the
cache coherency system. These workloads provide a wide range of characteristics allowing us to
analyse the use of DVFS and C states under varying conditions.

4.2 Compute-intensive Workloads

Compute-intensive workloads (as opposed to I/0 intensive workloads) are those that run the CPU
at 100 % until completion. At no time is the CPU able to idle during their execution. Memory-bound
workloads may still cause the CPU pipeline to stall during execution, but the CPU cannot be put
into an idle state during these periods of pipeline stalling.

Firstly, we look at three generations of server-class AMD Opteron-based systems released over a span
of 7 years. The newer generation processors are built from smaller transistors, have more cores,
larger caches and are attached to faster main memory. The characteristics of these systems are shown
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Figure 4.1: Runtime (left) and energy consumption (right) of mcf on the Sledgehammer and Santa
Rosa systems.

in Table 4.1. Henceforth, they will be referred to by their processor code-names, Sledgehammer,
Santa Rosa and Shanghai.

As discussed in Chapter 3, memory-bound workloads offer the best opportunities to improve
energy efficiency using DVFS because the CPU can potentially be slowed down without significantly
sacrificing performance. Therefore, to test the best case for DVFS being effective at improving
energy efficiency, we selected the most memory-bound benchmark workload on all our systems, the
181.McF (mcf) workload that is part of both SPEC CPU2000 and CPU2006. There is little difference
between the two versions other than the total runtime of the benchmark.

By running multiple instances of this workload, we are able to stress the high-throughput main
memory present in modern CMP systems allowing us to test the best-case opportunities for improving
energy efficiency with DVFS.

4.2.1 Methodology

The three systems were instrumented with a power meter [Extech Instruments Corporation, 2008]
at the PSU measuring the total power drawn by each system. The systems were set up to run Linux
with kernel version 2.6.35. All tests were carried out from a RAM-backed file system to ensure that
there was no disk activity, as this would perturb our measurements. The same 64-bit benchmark
binary was used on all three platforms, compiled with GCC 4.2 with high optimisation enabled.

Each test was run 10 times then averaged to ensure the results were statistically sound. All results
we present have a standard deviation of less than 1% of the mean.



4.2. COMPUTE-INTENSIVE WORKLOADS 45

2.5

© 25 R 1-Instance =+ - - 1 Instance —+
E 2 Instances < o> 2 Instances -
1S 4 Instances - Q@ o N 4 Instances -
>
£ 2 w
° B
Q 7]
215 - = 1.5 1
E E
S5 o
g 1 4 P4 1 4

T T T T T T T T

Frequency (GHz) Frequency (GHz)

Figure 4.2: Runtime (left) and energy consumption (right) of mcf on the Shanghai system.

4.2.2 Results

We first looked at the two older platforms, one based on Sledgehammer, a single-core processor
running at 2.0 GHz, built at the 130 nm feature size with DDR main-memory, and the other based
on Santa Rosa, a dual-core processor built at a feature size of 90 nm running at 2.4 GHz with
DDR2 main-memory. Figure 4.1 shows runtime and energy consumption vs. CPU frequency (both
normalised to the maximum CPU frequency of each platform). As we expected, the reduced
frequency causes runtime to increase, as shown in the left graph. However, energy consumption
(shown in the right graph) decreases when the CPU frequency is reduced. On the Santa Rosa system,
energy efficiency can be improved by up to 30 % when executing two instances of the mcf workload.
Hence, on the first and second generation Opteron-based platforms, DVES is effective at improving
energy efficiency for this memory-intensive workload.

Next, we looked at the most recent platform based on the Shanghai processor. This processor is
constructed from a 45 nm process, has four cores sharing a large L3 cache and runs at 2.7 GHz at

the same voltage as the Santa Rosa.

Figure 4.2 shows that energy consumption of the Shanghai system only increases with reduced
CPU frequencies. Even if four instances of mcf are run simultaneously on separate cores, energy
consumption is still increased significantly. This is in stark contrast to the two previous generations,
where up to approximately 30% energy could be saved.

4.2.3 Discussion

These initial results show that simply comparing energy consumption between different frequencies
on a more recent system always results in higher energy consumption. However, some introspection
reveals that this approach is limited, because the SPEC workloads are not representative of those
that are run on real systems. Indeed, very few real-world systems run HPC workloads. Therefore,
the methodology needs to be expanded to include more realistic workload scenarios.
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Figure 4.3: Padded energy consumption for one, two and four instances of mcf on Shanghai (left)
and padded energy-delay product (EDP) (right). All values are normalised to the maximum CPU
frequency.

4.3 Padding with Idle-energy

Reducing the CPU’s frequency lengthens the execution time of tasks, which causes the system
to consume disproportionately more static power at low frequencies. For this reason, energy
consumption comparisons cannot be made fairly between multiple frequencies. A benchmark
that was run at a high frequency is unfairly biased, because there is an implicit assumption that
once a benchmark completes, the system is switched off. This is not what happens in reality. The
system will stay powered on, albeit in an idle state. To account for this, we can pad the faster,
high-frequency benchmarks with the energy consumed while the system would have been idle.
The amount to pad depends on the difference between the execution time of the longest-running
benchmark (at the lowest frequency) and the benchmark being padded.

The left graph in Figure 4.3 shows energy consumption for one, two and four instances of mcf on the
Shanghai system when shorter-running benchmarks are padded with idle energy calculated from
the idle power values given at the bottom of Table 4.1. Here, we can see that energy consumption
is reduced when the CPU frequency is reduced.

4.3.1 Energy-delay product

Often, performance is still an important factor. However, simply minimising energy consumption
can result in a significant reduction in performance for meagre energy savings. For this reason a
better metric for comparison is the energy-delay product (EDP), which can be used to optimise
MIPS/W (i.e. computational efficiency):

EDP=ExT, (4.1)
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System Dell Vostro 430s fit-PC2 Pandaboard
Processor Intel Core i7 870 Intel Atom Z550 OMAP 4430
Cortex A9
ISA 64-bit x86 32-bit x86 32-bit ARMv7
Class Desktop Embedded Embedded
Cores 4 1 2
Threads 8 2 2
Frequency (GHz) 1.2-2.93 0.8-2.0 0.3-1.008
TurboBoost (GHz) 3.6 - -
Voltage (V) 0.65-1.40 0.75-1.1 0.93-1.35
Process 45 nm
TDP O5W 2.4W Unknown
L2 cache 4x256KiB 512 KiB 1 MiB (shared)
L3 cache 8 MiB (shared) - -
4 GiB 1 GiB 512 MiB
Memory DDR3 DDR2 LPDDR2
1,333 MHz 533 MHz 800 MHz
DRAM channels 3 2 2
Storage 500 GiB 3.5_” SATA 80 GiB SATA 2.5” 64 GiB USB SSD
hard-drive hard-drive 4 GiB SD
Graphics Acceleration None SGX 535 and VXD SGX 540 and IVA-HD

Table 4.2: Specifications of the three processors and systems we analyse for the idling workload
scenarios.

Thermal design power (TDP) is the maximum processor power dissipation expected. [ARK, Intel
Corporation, 2011; OMAP 4430 Technical Reference Manual, 2011]

where E is energy consumed and T is execution time. The right graph of Figure 4.3 which plots
energy-delay product (EDP) shows that if execution time is accounted for, the optimal frequency is
still the maximum, unless four instances of mcf are running simultaneously.

4.3.2 C state overview

The AMD Opteron-based systems used in the experiments above implement only a single idle state,
making them uninteresting for the following experiments. Table 4.2 outlines the characteristics
of three systems which implement multiple levels of idle states. We use these systems for the
experiments in the remainder of this chapter. The rest of this section describes the available C states
on these processors.

As discussed in Section 2.3.2, constraints exist between package-, core- and thread-level C states. On
the Intel processors (Core i7 and Atom), C1 is the only state which can be entered by an individual
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C state . OMAP 4430
Details Intel Core i7 870 Intel Atom Z550 Cortex A9
C1 available
. . . wait-for-interrupt
Entry via HALT or MWAIT instruction (WFI) instruction
Clocking / Voltages some clock-gating is applied
Cores respond to .
Notes | remote cache snoops some of MPU in data
for coherency retention state
C1E available unavailable
Ent automatic when all
Ty cores in C1
. frequency and
Clocking / Voltage voltage are reduced
C2 unavailable available
. . . explicit shutdown
Entry via MWAIT instruction plus WET
L1 caches flushed
L2 caches flushed
Interrupts from Co-processor state
Notes system-controller must be explicitly
hub (SCH) masked saved
Cc3 available unavailable available
. . . explicit shutdown
Entry | via MWAIT instruction plus WET
L1 caches flushed
L2 caches flushed
Clocking / Voltage more of MPU m
retention
c4 unavailable available
. . . explicit shutdown
Entry via MWAIT instruction plus WET
. PLLs are stopped, MPU switched off,
Clocking / Voltage voltage is reduced to . .
allow cache retention other parts still active
C5 unavailable available
automatic if L2 cache exolicit shutdown
Entry was flushed before P lus WEI
entering C4 P
L1 caches flushed
L2 caches flushed
. MPU switched off,
Clocking / Voltage other parts off
Cc6 available unavailable
Entry via MWAIT instruction
Clocking / Voltage core clocks stopped and core voltage reduced
to near-zero
L3 cache is still active
Notes
and snoopable

Table 4.3: Characteristics of the different C states on the three test systems. On the OMAP, C states
greater than C1 could only be used if the second core was disabled.
[Intel Corporation, 2011b,a; Texas Instruments, 2011]
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Figure 4.4: Idle power consumption for the Core i7 (top left), Atom Z550 (top right) and OMAP
4430 (bottom middle) when all cores are put in the same state.

thread (HyperThread), all other C states can only be entered by a whole core. Except for the C1E
state, there are no constraints between C states entered by different cores.

The OMAP 4430 microprocessor unit (MPU) contains two Cortex-A9 cores, the L1 caches and
their controllers, the local interrupt controller and the snoop-control unit (SCU) in one package.
Its C states are not defined by the manufacturer, instead, the OS designer must create MPU-wide
C states which selectively put different processor subsystems into low-power states. Here we
describe the C states defined by Linux 2.6.35. The OMAP 4430 also has several other compute
elements, including two Cortex M3 micro-controllers, an image and video accelerator (IVA), a 3D
accelerator (SGX 540) and several other components.

On the OMAP, C1 is the only C state which can be entered by an individual core, all other C states
are only entered if requested by both cores.

Table 4.3 provides an overview of the different C states that are available on the test systems
characterised in Table 4.2. Effects are additive down columns leading to the deepest C state, C6 at
the bottom of the table.
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Figure 4.5: Power draw of the Dell Vostro when only some of the cores of the Core i7 area placed in
C6. When all cores enter C6, the processor enters the package C6 state, achieving even lower power
draw.

4.3.2.1 C state power consumption characteristics

In Figure 4.4, we show the total system power drawn by each of the three platforms when each of
the available C states are invoked. For the platforms with multiple cores, all cores are put in the
same C state. As shown, for C0O, the power consumption is correlated to the CPU frequency. CO is
essentially the same as a naive idle thread, where the CPU just spins in a tight loop and no effort is
made to reduce power consumption. On the Core i7, the steps from CO to C1E, C3 and C6 all result
in reasonable reductions in power consumption. However, on the Atom and OMAP processors, the
reductions achieved from using the deep sleep states are relatively small compared to the Core i7.
This is because the power drawn by these processors is a small portion of total system power.

Additionally, some processors, like the Intel Core i7, implement special package C states, which
are only used when all cores are in the same state and other system activity (such as DMA and
interrupts) are disabled. When in these special package C states, the processor can achieve even
lower power draw. Figure 4.5 shows total system power draw when different combinations of cores
are put in the deep C6 C state. The dark bars represent the case where the processor is able to
use TurboBoost mode (i.e. high frequency) and the light bars are when the processor frequency is
reduced to 1.20 GHz using DVFS. The left most group is when all cores are active. As we allow each
additional core to enter C6, the power draw drops, until all cores are in C6 (the right-most bars),
and a larger drop in power draw is achieved.
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Figure 4.6: Energy consumption for mcf (left) and gzip (right) when padded for idle energy with
various C states for mcf on the Core i7. This approach assumes a single idle state transition at
benchmark completion. Data shown is normalised to the minimum frequency. 3.60 GHz is a
TurboBoost frequency. The zoomed section shows that using C6, energy efficiency can be improved
by up to 5% if the CPU frequency is reduced.

4.3.3 Padding with different C states

Given that these systems have multiple C states, we can now apply the same padding methodology,
but using the power drawn in each of the C states to calculate the idle energy. Figure 4.6 shows
energy consumption normalised to the minimum frequency for mcf and gzip on the Core i7. Each
line represents a different C state used to pad benchmarks that are executed at high frequencies
with idle energy. The bottom line in the graph shows energy consumption when a hypothetical 0 W
idle mode is used (i.e. no padding) and the top line represents padding with CO idle energy, the
lightest C state, in which the power drawn depends on the CPU’s frequency. The lines in between
represent padding with the various C states (C1E, C3, C6 and the hypothetical C7).

These results suggest that with the light sleeps states (CO, C1E, C2, C3), the frequency at which
energy consumption is minimised is always the minimum frequency. With the deepest sleep state
currently implemented on the Core i7 (C6), the trade-off essentially disappears. The energy-
frequency relationship is almost flat, with only a marginal energy consumption improvement of
approximately 5 % for some mid-range CPU frequencies. We also show a line which represents a
hypothetical idle state, C7, which has roughly half the power consumption of C6. In this case, the
maximum frequency becomes the energy-optimal operating point.
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4.3.4 Discussion

Padding shorter-running (high CPU frequency) benchmarks with idle energy allows system-level
energy consumption at different CPU frequencies to be compared fairly. Using this methodology,
Figure 4.3 showed that total system energy consumption could be reduced at low CPU frequencies
on the Shanghai platform. However, the system’s energy-delay product (EDP) was significantly
impacted at the low CPU frequencies due to the increase in runtime as shown in Figure 4.2.

Figure 4.6 showed that different C states create very different energy consumption characteristics
when padding with idle energy. In most cases, energy consumption is minimised either at the lowest,
or highest CPU frequency. However, if the C6 C state was used, we observed a meagre reduction in
energy consumption for both CPU-bound and memory-intensive workloads. We showed that with
a hypothetical C state (C7) with half the power draw of the deepest available C state (C6), that
energy consumption would be minimised at the highest CPU frequency. It is not unreasonable to
expect that we will see such a scenario in the near future.

However, this padding methodology is still incomplete because it does not account for more frequent
idle state transitions that occur when bursty workloads create slack-time. In the next section, we
address this issue by introducing slack time into SPEC workloads and analysing several real-world
workloads that inherently cause slack time in a system.

4.4 Bursty/Periodic Workloads

In the previous two sections, the workloads being analysed did not allow the CPU to idle during the
execution phase of the benchmark. Here, the term idle means that there is no task to execute on the
CPU, in contrast with the CPU executing a memory-bound instruction stream which causes it to stall
waiting for operands. When the CPU is idle and there are no real tasks for the OS to schedule, the
idle thread is scheduled instead. In a naive implementation, the idle thread simply spins in a tight
loop. However, as described in Section 2.3.2, modern CPUs often implement several low-power idle
modes (C states), which the OS may invoke to reduce the CPU’s power consumption while idle.

Some workloads are inherently bursty, causing slack-time in a system. A good example of such
a workload is MPEG video decoding and playback. Groups of frames must be decoded before a
deadline when they must be displayed to the viewer. If the decoding task is completed before
the deadline, the CPU may be allowed to enter an idle state. Another example is a web-server
responding to requests for web pages. The time between requests is variable with some random
distribution, resulting in bursts of work for the CPU to complete before returning to an idle state.
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4.4.1 Artificially introducing slack-time into SPEC workloads

The approach taken to padding for idle-energy (as was done in Section 4.3) is too simple. Applying
this methodology assumes that there is only a single state-transition at the end of the benchmark
execution. Workloads which create slack-time will allow the CPU to enter and exit idle modes
much more frequently. Furthermore, different C states will have different costs, depending on what
actions must be taken before entering and exiting the C state. For example, for a core to enter the
C6 C state on the Core i7, its L1 and L2 caches must be flushed to the shared L3, and the core’s
supply voltage must be turned off. The magnitude of these costs will also be workload dependant,
for example a workload that has a large cache footprint will have a larger exit cost as cache-lines
are refilled from upper levels of the memory hierarchy when the core wakes up from sleep.

As discussed in Section 4.1, the SPEC workloads are normally compute-intensive. They do not allow
the CPU to idle during execution. However, to force the CPU to transition between C states more
frequently, we can artificially introduce slack-time into these workloads. This allows us to analyse
the overheads resulting from frequent C state transitions.

4.4.1.1 C state transition overheads
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Figure 4.7: Costs associated with transition between CO and deeper C states every 10 ms for two
SPEC workloads, mcf (memory-bound, bottom) and gzip (CPU-bound, top) on the Core i7.

To measure the overheads associated with frequent transitions between C states on the Intel CPUs,
we designed a framework using the performance-monitoring unit (PMU) allowing us to introduce
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slack-time into arbitrary benchmark workloads, providing opportunities for the CPU to enter a
C state.

To determine what C state transition frequency should be tested, we analysed the C state transition
characteristics of a real-world MPEG playback workload. We found that the CPU was able to enter
a C state approximately every 10 ms. Additionally, OSes often use 10 ms as the time-quantum for
time-sharing CPU resources. Therefore, a 10 ms time-quantum is used in this analysis.

We used the PMU to generate interrupts at fixed instruction intervals. A timer is started at the
beginning of the benchmark and when an interrupt occurs at the end of an interval, if the timer
has counted less than 10 ms, the CPU is allowed to enter a C state for the remainder of the 10 ms
time-quantum. When the CPU awakens, the timer is restarted and the next time-quantum begins.

We chose the number of instructions to execute in an interval such that the work was completed
close to the deadline when the CPU was at its minimum frequency.

As a result, the SPEC workloads can be transformed into periodic tasks with soft deadlines, much like
an MPEG video or audio playback task. If the time taken to complete the work in a time-quantum is
small, then there is slack-time in the system and the CPU is able to enter a C state. If the time taken
to complete the work in a time-quantum is large, then either the deadline is missed or there is only
a small amount of slack-time in the system. The consequences for missing deadlines is task specific,
however we tuned the system such that very few deadlines were missed.

At high CPU frequencies, there was significant slack-time in the system. We found that a small
number of deadlines were missed at the low CPU frequencies, however, we measured the time
accumulated from these missed deadlines and padded all benchmark executions out to the maximum
execution time we observed at the lowest frequency. The runtime at the highest frequency was
always within 1 % of the lowest frequency, hence the amount of padding required was small.

To allow us to choose which C state the CPU should use when idle, we implemented a new userspace
governor for the Linux cpuidle framework. The C state is specified using the sysfs interface to
cpuidle.

We measured the overhead of our framework to be minimal. However, firstly, we run the benchmarks
within the framework, but skip the SLEEP system-call. All other values are normalised to this ‘None’
bar in the graphs. This allows us to measure the overheads of the C state transition alone excluding
any overhead introduced by our framework.

Figure 4.7 shows the overheads in L2 and L3 misses and runtime associated with transitions between
CO and deeper C states at intervals of 10 ms on the Core i7 at 3.6 GHz. We present results from
two SPEC CPU workloads, gzip, a CPU-bound workload (top) and mcf, a memory-bound workload
(bottom).

As shown, the use of C states has variable overhead depending on the type of workload—ggzip, has a
much higher L2 miss-rate and slightly elevated L3 miss-rate when the deeper C states are used. This
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Figure 4.8: Energy consumption for mcf (left) and gzip (right) on the Core i7. In contrast to
Figure 4.6, this data includes costs for idle state transitions every 10 ms. Data shown has been
normalised to the minimum frequency. 3.60 GHz is a TurboBoost frequency. The zoomed section
shows that using C6, energy efficiency can be improved by up to 5 % if the CPU frequency is
reduced.

is because the L2 cache must be flushed to the L3 cache before the core may enter the C3 or C6
C states. In contrast, mcf, has almost no increase in L2 or L3 miss-rate when deep C states are used.

The caches in the Core i7 are inclusive. This means that cache lines stored in the L1 cache are a
subset of those stored in L2, and those stored in the L2 cache are a subset of those in the L3 cache.
Therefore, unless the data stored in the L1 or L2 cache is modified, the cost of flushing the caches
on entering a deep C state will be small. The L1 and L2 caches must still be reloaded when a core

wakes up, which is what causes the overhead in L2 cache misses.

However, as the graphs show, the large increase in L2 cache misses for gzip results in a marginal
5% increase in runtime—the cache and memory performance of the Core i7 platform is sufficient
to hide most of the costs associated with the entry and exit of the deep C states states when they
are invoked at this rate.

The runtime overhead for mcf must be caused by something other than L2 or L3 cache misses. For
example, the deep C3 and C6 sleep states require that the core voltage is switched off upon C state
entry and on upon C state exit. This will cause some latency.

Figure 4.8 shows energy consumption for the same two workloads under varying CPU frequency.
These graphs are similar to Figure 4.6, however, in these figures, slack-time has been introduced
into the workloads at 10 ms intervals using the framework described above. The zoomed section
shows that when the C6 C state is used, energy consumption for mcf can be reduced by up to 3 % if
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Figure 4.9: EDP for mcf (left) and gzip (right) on the Core i7 when slack time is introduced at
10 ms intervals. Data shown has been normalised to the minimum frequency. 3.60 GHz is a
TurboBoost frequency.

the CPU frequency is reduced. Comparing the line for C6 to Figure 4.6, where approximately 5 %
energy could be saved, the energy consumption overhead for the C6 state with mcf is approximately
2 %. Similar results are observed for gzip.

However, at reduced CPU frequencies, runtime increases dramatically and, as shown in Figure 4.9,
the energy-delay product is still minimised at the maximum frequency in each case except when
TurboBoost (3.60 GHz) is used with no C state (CO).

The Atom implements dynamic cache resizing for its L2 cache, as described in Section 2.3.4.
Normally, the Atom’s L2 cache is dynamically resized by a state-machine within the processor
hardware based on C state residency. However to force deterministic results, we force the cache
to be resized to zero when entering the C6 state, by using a hint with the MWAIT instruction. This
effectively forces the L2 cache to be flushed immediately upon entry to the C6 C state. We measured
similar overheads for these two workloads on the Atom.

Our framework was designed for x86 only, hence it could not be used on the OMAP4430-based
Pandaboard. However, our experiments with MPEG playback on the Pandaboard in the next section
show that the entry and exit costs of C states on the OMAP4430 are considerably more expensive
than the Core i7. This highlights a difficulty when designing general-purpose power-management
algorithms such as the menu and ladder cpuidle governors, as the trade-offs are often very different
between platforms.

4.42 MPEG playback workload

Playback of MPEG video streams is a common workload for desktop-, laptop- and embedded-class
systems. This requires a certain number of video frames to be decoded and displayed in a fixed
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Figure 4.10: System load (top left) and normalised energy consumption (top right) for playback of
a high-definition MPEG video stream on the Core i7 under various frequencies. Energy data has
been normalised to 2.13 GHz using C6, which was the case where minimum energy consumption
was observed. The bottom graph shows a zoomed version of the C6 line in which the data has been
normalised to the TurboBoost point.

period of time in order to maintain the correct frame-rate. This is necessary for several reasons:
firstly, the user can visibly detect skipping if the frame-rate is too low, and secondly, synchronisation
between audio and video must be maintained, otherwise the user can detect lag between what they
see and what they hear. This workload is essentially a soft real-time task—there is a deadline for
when a group of frames must be decoded and the CPU can idle if the work is completed before the
deadline. This is an interesting case for slack-time minimisation with DVFS. The CPU can be slowed
down such that the level of performance is just above that required to decode the frames before the
deadline.

We use mplayer a Linux utility designed to decode and display video streams to a user. If mplayer
determines that the audio and video streams are losing synchronisation it will drop frames, i.e.
it will sacrifice smooth playback in order to keep the two streams synchronised. Mplayer is an
open-source program, which we modify to keep a count of the total number of dropped frames.

First, we use the Core i7 to play a high-definition (h.264, 1080p) video—a trailer from the recent
Wall Street movie. The first 60 seconds of the movie are played while measuring the energy
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Figure 4.11: Left: Energy consumption for playback of an MPEG video stream on the fitPC (Atom)
when the C6 C state is used. Values are normalised to the 2.00 GHz / C6 point.

Right: Energy consumption for playback of an MPEG video stream on the Pandaboard
(OMAP4430). Values are normalised to the 1.008 GHz / C1 point.

consumed by the total system. Figure 4.10 shows that at most 3 % energy is saved when the CPU
frequency is reduced to 2.13 GHz. No frames were dropped or synchronisation lost on this system
at any frequency. This workload does not tax even a single core of the quad-core Core i7 processor.
Even at the lowest frequency, 1.20 GHz, there are still opportunities for the CPU to idle and enter
a C state. Using DVFS gives only marginally better energy efficiency for this workload on this
platform.

Next, we look at the Atom (fitPC) and OMAP (Pandaboard) platforms, the characteristics of which
are shown in Table 4.2. Neither of these platforms were powerful enough to decode the high-
definition Wall Street MPEG stream without dropping considerable frames to maintain video/audio
synchronisation. For this reason, we use an h.264 MPEG stream with a reduced resolution and
bit-rate, The Elephants Dream at 1024x576. The left graph of Figure 4.11 compares the energy
consumed by the Atom Z550 based fitPC at various frequencies when the C6 C state is used.
Similarly to the Core i7, marginal energy efficiency improvements (approximately 5 %) are observed
when reducing the CPU frequency to 0.80 GHz. No frames were dropped at any of the CPU
frequencies on this platform.

The right graph of Figure 4.11 shows the same results, but on the Pandaboard, based on the Texas
Instruments OMAP 4430. We found that use of the deep sleep states (as shown by the points
where the cpuidle ladder governor is used) on this platform has significant energy overhead, due to
the high cost of L2 cache-misses resulting from the cache being flushed to main memory—energy
consumption is increased by 10 % when these are used. However, energy efficiency can be improved
by approximately 10 % with no noticeable reduction in frame-rate or user-experience when the CPU
frequency is reduced to 0.6 GHz.
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Figure 4.12: Left: Energy consumption for playback of an MPEG video stream on the fitPC (Atom
7550) when the PowerVR VXD MPEG decode unit is leveraged. Right: Energy consumption for
playback of an MPEG video stream on the Pandaboard (OMAP4430) when the IVA-HD MPEG
decode unit is leveraged.

4.4.3 Hardware acceleration of MPEG decode

Both the Atom 2550 and OMAP4430 have hardware accelerated MPEG decode units on the same
die as the CPU cores. Using these units allows the main CPU cores to idle more frequently and for
longer periods of time, because it is only required to transfer the data between storage and main
memory. The accelerating units are connected to the main memory bus allowing them to perform
direct-memory-access (DMA). This can reduce the energy consumption of the platform when playing
MPEG video streams.

The Atom Z550 has a PowerVR VXD MPEG decode assist unit [Imgtec, 2011], which enables it to
decode full HD MPEG streams, while the CPU itself cannot, due to performance constraints. In
Figure 4.12, we show the same data as in Figure 4.11, but also include the total energy consumed
by the fitPC when The Elephants Dream is played using mplayer’s video acceleration API (VAAPI)
which uses the VXD unit. We found that using the menu cpuidle governor and the conservative
cpufreq governor, energy consumption can be reduced by up to 17 %.

The OMAP4430’s image and video accelerator (IVA-HD) unit is similar to the Atom’s VXD unit. It
provides hardware accelerated MPEG decode assistance. The right graph in Figure 4.12 compares
the use of this unit with simply using the ARM Cortex A9 to decode and play the MPEG video
stream. By using the IVA-HD and reducing the Cortex A9’s frequency to 0.6 GHz, total system energy
consumption can be reduced by up to 27 %.

4.4.4 \Web-server workload

Serving web-pages is one of the most common server workloads. It is also inherently bursty, due
to the random nature of web requests coming from the Internet. Servers must be provisioned to
accommodate high request rates during times of high load, however, Barroso and Hélzle found that
many of the web servers in Google’s data-centers operate under-utilised most of the time. From
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Figure 4.13: Topology of systems and network for the web-server benchmarks

an analysis of more than 5,000 servers, they found that the CPU utilisation of these servers was
mostly between 10-50 % [Barroso and Holzle, 2007]. They also discuss the differences in workload
characteristics between laptop- and server-class systems, claiming that while laptops experience
bursts of CPU utilisation then long periods of idleness, servers are rarely completely idle. However,
the time-scale that they analyse is too coarse. As we have shown, many workloads allow the CPU to
transition to idle states at the millisecond scale. To determine whether C states should be used for
server workloads, we performed an analysis of a web-server workload.

The topology of our test framework is shown in Figure 4.13. The SuT is either the Core i7-based
Dell Vostro 430s, the Atom Z550-based fitPC or the OMAP4430-based Pandaboard. None of these
are server-class systems. However, the desktop is equivalent to some low-end servers that are often
used in data-centres. The clients sending web requests to the SuT are two HP DL365 G5 servers,
based on AMD Opteron processors. There are two networks, firstly a control network that allows
set up routines to be initiated, and secondly, a separate private test network through which web
requests and responses are sent between the clients and the SuT.

The web-server software we use is Apache 2.2, which hosts a copy of the ERTOS public website
(http://www.ertos.nicta.com.au) which includes a combination of small-sized static HTML pages
and larger PDF documents. We use the siege HTTP load generator to generate requests to the
web-server software running on the SuT [Siege, 2010].
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Figure 4.14: Overhead in L2 and L3 misses and runtime for different C states for the Apache
web-server workload on the Core i7 at 2.93 GHz. All values are normalised to the CO C state.

4441 Results from the desktop

Each Siege client is configured to make up to 1,000 concurrent connections to the SuT. This allows
the clients to generate approximately 90,000 requests in a 60 s period, giving a combined request
rate of approximately 3,000 requests per second. As shown in the top left graph of Figure 4.15, the
system load (CPU utilisation) generated by the two clients accessing the web-server is quite small,
ranging between 12-28 % depending on the CPU frequency and C-state used. As shown, using the
deeper sleep states has additional overhead.

Apache is a multi-threaded web-server, making use of all cores available on the system. The SuT
is instrumented with a power meter at the power supply, measuring total system power which
the coordinator uses to record the energy consumption. At the end of each run, each Siege client
generates a report with data about the average response latency, total number of requests, etc. This
data is recorded on the coordinator to be later analysed.

We observed that while gzip, mcf and mplayer all spend most of their time in userspace, the Apache
workload spends much of its time in kernel, resulting from a high rate of system calls and network
activity causing interrupts. Furthermore, when running the Apache workload, the CPU transitioned
between idle states much more frequently. We observed state transitions approximately every 1 ms,
ten times that of the MPEG playback workload.

The left graph in Figure 4.14 shows the overhead in L2 and L3 cache misses when using each of the
available C states on this system while the Apache workload is running. Similarly to the CPU-bound
gzip workload from Section 4.4.1.1, significant overhead in L2 cache-misses is observed when the
deep C3 and C6 C states are used. The number of L3 cache-misses vary considerably due to the
absolute values being relatively small and the error is quite high. Runtime is shown on the right
and is the sum of both user time (time executing user-level code) and system time (time spent in
system calls). When the deep C states are used, we see a significant increase in active CPU time.

A high performing web-server is not only characterised by the request throughput it can handle,
but also by the average response latency. This is critical because users requesting web-pages are
latency sensitive. Siege reports the average response time for each request over the length of the
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Figure 4.15: Top left: CPU load on the Core i7 (all four cores) when running the Apache workload
under DVFS. Top right: System-level energy consumption of the Core i7 running the Apache
web-server workload. All energy values are normalised to the lowest observed energy consumption
at 1.20 GHz / C6. Since Apache is a multi-threaded workload, the TurboBoost frequency varies
between 2.93-3.60 GHz. Bottom centre: request efficiency in requests per unit energy, normalised
to again to 1.20 GHz / C6.

benchmark. In our tests, this was approximately 120 ms regardless of the CPU frequency or C state
that was used.

As shown in the top right graph of Figure 4.15, energy consumption is minimised at the lowest CPU
frequency (1.2 GHz), using the deepest C state, C6. The middle figure shows that energy-efficiency
(in requests per Joule) is also maximised at 1.2 GHz using C6, giving a 12 % improvement compared
to running at the maximum frequency using TurboBoost.

This workload is very different to the SPEC workloads which we introduced slack-time into in
Section 4.4.1 and the MPEG workload used in Section 4.4.2. The Apache workload allows the CPU’s
cores to enter sleep states at a much higher frequency than the 10 ms time-quantums we used in
Section 4.4.1—we observed C state transitions every 0.75 ms. Additionally, opportunities for the
processor to enter package C states are diminished with the multi-threaded Apache workload. Since
requests are received sporadically and are evenly distributed to different cores, the time at which
the cores can enter C states is not synchronised, hence the processor is very unlikely to be able to
enter a package C state. This is partially responsible for DVFS still being beneficial for this type of
workload on this system. Future research could address this by modifying the OS scheduler to delay
request processing, and allow all the cores to enter the same state, thus allowing a package C state
to be acheived. However, this approach could have an impact on response time and would need to
be analysed in depth to determine whether it would have a positive effect on energy efficiency.
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Figure 4.16: System load (left) and energy consumption (right) of the fitPC (Atom) when running
the Apache web-server workload. Energy consumption values have been normalised to the
minimum value observed at 1.33 GHz with Cé.

4.4.472 Results from the fitPC

The use of embedded-class systems in the data-centre environment is currently a hot topic of
research. The Atom-based fitPC is an example of such a system. However, the performance of
this system does not match the Core i7-based desktop. In order to generate a reasonable load,
we had to reduce the number of concurrent connections 1,000 to just 75 from each Siege client.
This resulted in system load ranging from 60-35 % and a request rate of 276 requests per second
at 2.00 GHz. Additionally, the fitPC has only a single network interface. Therefore, we use the
pri